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Abstract 

Economic crises, such as the one induced by the COVID-19 pandemic, and resulting widespread 

corporate cost-cutting, drastically alter the nature of work. Job insecurity represents a critical 

intermediate between the economic ramifications of an economic crisis and work and stress 

outcomes, however, the underlying cognitive consequences of job insecurity and how to buffer 

those effects are not well understood. We examine how corporate cost-cutting announcements 

indirectly relate to employees’ attention through their relationship with employee job insecurity 

and investigate supervisor support as a potential buffer of these relationships. We used multi-

source data to test our research model, combining data on cost-cutting announcements (budget 

cuts, layoffs, and furloughs) in news articles for 165 organizations with survey data from 421 

full-time employees from these organizations between March 26, 2020 and April 8, 2020. Cost-

cutting announcements are positively related to job insecurity, which is related to employee’s 

attention with supervisor support mitigating the effects of job insecurity on attention. Grounded 

in self-regulation theories, we contribute to and extend the theoretical understanding of the 

organizational context for job insecurity and cognitive outcomes. We discuss the implications for 

organizations to manage and prepare for future economic crises, specifically on organizational 

communication and supervisor interventions. 
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Job Insecurity during an Economic Crisis: The Psychological Consequences of Widespread 

Corporate Cost-Cutting Announcements 

A recent airplane crash (Pakistan International Airlines, 22 May 2020) killed 97 

passengers due to pilots distracted by COVID-19 concerns. Flight recorder data showed that the 

aircraft was mechanically sound and fit to fly. As the pilots approached the tarmac, they were 

discussing COVID-19 and continued their discussion even after prompts by air traffic control to 

focus on landing the aircraft (Shahzad, 2020). Although a plane crash is a rare and extreme 

outcome for attentional deficits, the incident signifies the importance of understanding the many 

ways in which a global pandemic influences attention at work. Therefore, we use this paper to 

examine how, when, and why concerns induced by an economic crisis (i.e., COVID-19), such as 

job insecurity, relate to employee attention and explore how organizations can mitigate the 

impact of company cost-cutting announcements and job insecurity on employee attention.  

COVID-19 constitutes an unprecedented life experience, fundamentally altering the vast 

majority of peoples’ personal and work lives across the globe (World Health Organization, 

2020). COVID-19 has been particularly widespread and devastating from a public health and 

psychological perspective. The International Monetary Fund predicts that the current outbreak 

will create the worst economic recession since the Great Depression (International Monetary 

Fund, 2020). More than 22 million individuals filed new jobless claims in the United States 

alone from March 2020 to the middle of April 2020 with new jobless claims in July 2021 starting 

to fall back down to levels last seen in March 2020 (Department of Labor, 2021). Job loss puts 

individuals at risk for adverse health consequences, including increased mortality (Roelfs et al., 

2011; Strully, 2009). Individuals and employees alike do not know how long the pandemic will 

persist, have no control over future outbreaks, and have no way to anticipate the long-lasting 

effects COVID-19 will have on work (Fouad, 2020). For those who were able to retain jobs 

during this economic crisis, awareness of company cost-cutting and job insecurity are 
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widespread with likely deleterious consequences for work outcomes and employee health (de 

Jong et al., 2016; Jiang & Lavaysse, 2018; Keim et al., 2014; Schumacher et al., 2020).  

Job insecurity is defined as “a perceived threat to the continuity and stability of 

employment as it is currently experienced” (Shoss, 2017, p. 1914). Job insecurity directs 

employees’ cognitive and affective reactions to possible job loss and its consequences. As a 

result, job insecurity results in adverse emotional responses, such as anger and anxiety (Reisel et 

al., 2010; Sverke et al., 2002), in addition to effects on general well-being (De Witte et al., 2016; 

Sverke et al., 2002; Van der Elst et al., 2014). Prior research has incorporated organization-level 

events to study their effects on job insecurity and outcomes (e.g., bankruptcy; Mohr, 2000; 

mergers; Lam et al., 2015; van Dick et al., 2006). The current study extends this growing 

literature by examining potential mechanisms for mitigating job insecurity’s negative effects on 

attention during a widespread economic crisis in 2020 affecting numerous organizations.  

From a theoretical perspective, self-regulation theories provide a useful framework for 

understanding this phenomenon. One of the central tenets of these theories is that stress and 

rumination can result in an insufficient ability to regulate attention and reduce the ability of 

individuals to pay attention to their work tasks (Beal et al., 2005). In the current study, job 

insecurity is conceptualized as worrying about one’s job and the future of one’s career. The 

widespread cost-cutting announcements stemming from the COVID-19 induced economic crisis 

likely exacerbates the rumination and stress resulting from job insecurity. In sum, the current 

study draws on self-regulation theories, such that employees may have an even harder time 

focusing on their job tasks if the stress and rumination stemming from job insecurity takes their 

attention away from their work. Given the critical role of cognition for efficient and safe task 

execution (Sneddon et al., 2013; Sundfør et al., 2019; Wallace & Chen, 2005), the limited focus 

on attention in the job insecurity literature represents a critical research gap. Hence, we use self-

regulation theories as a foundation for exploring whether widespread company cost-cutting and 
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consequent job insecurity during the pandemic is linked to attention as proposed by self-

regulation theories (Beal et al., 2005). 

We contribute to the understanding of job insecurity and attention by addressing two 

knowledge gaps. First, we examine job insecurity from employees in numerous organizations in 

an industry hit hard by an economic crisis, whereas most research examines the effects of events 

on job insecurity at a single organization (e.g., Mohr, 2000). Economic crises occur frequently 

around the world (e.g., Great Recession of 2007-2009). Our study examines how these events 

can impact employees in a multitude of organizations within the same industry. We expect that 

employees’ job insecurity and outcomes will be worse during an economic crisis as they have 

fewer options if they are laid off. Moreover, our paper heeds a recent call from occupational 

health experts to study how supervisors can support workers at a time of economic stress 

(Sinclair et al., 2020). Second, we extend self-regulation theories (Beal et al., 2005) to 

demonstrate how societal and organizational events shape employee perceptions of job insecurity 

and attention. Hence, this study expands the criterion space for job insecurity by examining its 

relation to cognitive mechanisms, specifically attention. 

The remainder of the introduction is structured as follows. We introduce the implications 

of organization-level events for job insecurity. Next, we discuss self-regulation theories to 

understand the relationships of environmental change, job insecurity, and attention. Last, we 

examine perceived supervisor support as a buffer that can potentially protect individuals from the 

negative effects of company cost-cutting announcements and job insecurity.  

Organizational Cost-Cutting Announcements 

Throughout the COVID-19 economic crisis, organizations have engaged in extensive 

cost-cutting measures. We define these cost-cutting measures as organizations reducing their 

spending, including budget cuts, furloughs, and layoffs. COVID-19 induced unemployment has 

continued throughout the pandemic as control of the virus is still far removed in many countries. 
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In some hard-hit industries (e.g., oil and gas), employees may be concerned about losing their 

jobs as they may not easily find employment if alternate employers are also cutting costs. Within 

self-regulation theories (Beal et al., 2005), these cost-cutting announcements represent an event 

that may elicit job insecurity related stress and rumination.  

Widespread cost-cutting during an economic crisis represents a very strong situation, 

such that the event is disruptive and critical. The backdrop of COVID-19 highlights the 

relevance of organizational cost cutting, especially for industries driven by consumer demand 

(e.g., oil prices). Further, COVID-19 has disrupted the global economy with organizations 

having to adjust their entire operations to ensure their workforce’s safety and the long-term 

profitability of their organization. The remaining employees of an organization that announces 

cost-cutting initiatives must change their work and procedures to alleviate the loss of financial 

resources and human capital.  

Keim et al.’s (2014) meta-analytic work shows organizational change, such as 

downsizing and layoffs, has a modest, positive relationship with job insecurity. Self-regulation 

theories provide a useful framework for understanding this relationship. Cost-cutting 

announcements likely increase an employee’s thoughts on the stability of their employment, 

which are represented as off-task attentional demands in self-regulation theories (Beal et al., 

2005). As COVID-19 has forced whole industries to enact cost-cutting measures, these events 

have grown more common. In the current study, employees in organizations cutting costs will 

likely view their current employment as more threatened.  

Hypothesis 1: Company cost-cutting announcements, including layoffs, furloughs, and 

budget cuts, will be positively related to job insecurity. 

Job Insecurity and Attention 

The experience of job insecurity is associated with cognitive reactions, such as worrying 

about precarious employment and financial responsibilities and pondering future career 
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prospects. However, the literature on the cognitive mechanisms of job insecurity is incomplete as 

they are not fully specified in the literature. Essentially, job insecurity is related to safety 

outcomes (Jiang & Lavaysse, 2018) and attention is related to safety outcomes (Jin et al., 2021; 

Sneddon et al., 2013; Sundfør et al., 2019; Wallace & Chen, 2005; Wallace & Vodanovich, 

2003); however, limited prior research has focused on how job insecurity is related to attention. 

Attention represents a critical cognitive piece. We define attention as, “a state in which cognitive 

resources are focused on certain aspects of the environment rather than on others” (APA, n.d.). 

The current study uses attention as an outcome due to its importance and centrality as a cognitive 

mechanism in work tasks. 

As self-regulation theories suggest, job insecurity represents a threat to an employee’s 

expectations for future employment, which triggers stress and rumination that may enhance or 

reduce employee attention. Conflicting motivations may play a part in job insecurity affecting 

attention (Cheng & Chan, 2008; Shoss, 2017; Sverke & Hellgren, 2002). Job insecurity could 

motivate individuals to focus on their work tasks to show supervisors that they deserve to stay in 

the company. Conversely, job insecurity could trigger thoughts of future career prospects or 

financial insecurity, limiting their ability to attend to work tasks. Although theoretical arguments 

can be made that job insecurity either improves or impairs attention, meta-analyses present 

enough evidence that job insecurity impedes work performance and safety (Cheng & Chan, 

2008; Jiang & Lavaysse, 2018). Employees likely cannot focus on their work tasks as they 

ruminate about their job being threatened. As a result, we align our hypothesis on the effect of 

job insecurity on attention with self-regulation theory and empirical evidence. An individual 

facing a threat to their employment will have less attention for changes in their environment as 

they will be ruminating about their employment situation. As self-regulation theories suggest, we 

hypothesize that job insecurity will reduce attention. 

Hypothesis 2: Job insecurity will be negatively related to attention.  
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Furthermore, we expect cost-cutting announcements to indirectly relate to attention 

through job insecurity. Cost-cutting announcements represent a distal event, and job insecurity is 

a more proximal effect on attention. As self-regulation theory suggests, cost-cutting 

announcements will likely trigger an individual to perceive their job as threatened (i.e., job 

insecurity), which increases their off-task attentional demands and reducing their ability to attend 

to work tasks. In sum, we expect job insecurity to mediate the relationship between company 

cost-cutting announcements and attention.  

Hypothesis 3: Company cost-cutting announcements will be indirectly related to attention 

through job insecurity.  

Supervisor Support as a Buffer 

The current COVID-19 economic crisis and mass cost-cutting announcements force 

employees to simultaneously adapt to work changes and increased job insecurity. Due to the 

serious implications of attention for work and health outcomes (Jiang & Lavaysse, 2018), 

mitigation strategies are necessary. Supervisors represent one of the most critical features in an 

individual’s work environment due to their control over important resources and personnel-

related decision-making authority. Perceived supervisor support is defined as an employee’s 

evaluation of how much their supervisor values them and cares about their well-being 

(Eisenberger et al., 2002). During an economic crisis, the role of supervisors is even more critical 

due to their function as a gatekeeper to organizational resources, reducing their team’s stress, and 

improving their employee’s work outcomes (Sinclair et al., 2020). A supervisor could schedule 

weekly check-in meetings to ensure their employees’ well-being, or they could be flexible with 

when and how employees complete their work. Within the self-regulation theoretical framework, 

supervisors may influence the extent to which an event creates job insecurity related rumination 

and how much that rumination pulls the employee’s attention away from work-related tasks. As 
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a result, perceived supervisor support provides one potential mechanism for mitigating the 

effects of cost-cutting announcements during an economic crisis.  

Social support, especially supervisory support, has been theorized as an important 

moderator of the relationship between job insecurity and its outcomes (Lee et al., 2018). Social 

support has exhibited a main effect on job insecurity (Jiang & Lavaysse, 2018) and is a 

moderator between job insecurity and job performance (Schreurs et al., 2012) and a moderator 

between occupational injury and job insecurity (Lawrence et al., 2013). The current study aligns 

with Lee et al.’s (2018) theoretical model to examine perceived supervisor support as both a 

buffer of cost-cutting announcements on job insecurity and job insecurity on attention. After 

organizations announce cost-cutting announcements, supervisors may help employees interpret 

the event as less of a threat to their employment. For example, the supervisor can specifically 

reassure them that their job is not in jeopardy and the cost-cutting announcement does not pertain 

to them. If employees still perceive the event as a threat, supportive supervisors can mitigate the 

effects on attention by helping employees pay attention to their job tasks and ruminate less. As 

an example, the supervisor could have more task-specific conversations to encourage them to 

focus.  

Further, the indirect effect of cost-cutting announcements on attention through job 

insecurity will depend on perceived supervisor support due to supervisors representing an 

integral piece of an employee’s work environment. Supervisors are present both during and after 

cost-cutting announcements, which allows them to influence the employee’s processing of these 

changes and ensuring job insecurity perceptions do not impact their work. 

Hypothesis 4a. Perceived supervisor support will moderate the relationship between 

company cost-cutting announcements and job insecurity, such that the relationship will 

be stronger when perceived supervisor support is low.  
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Hypothesis 4b. Perceived supervisor support will moderate the relationship between job 

insecurity and attention, such that the relationship will be stronger when perceived 

supervisor support is low.  

Hypothesis 4c. Perceived supervisor support will moderate the indirect effect of company 

cost-cutting announcements on attention through job insecurity with perceived supervisor 

support moderating both the effect of company cost-cutting on job insecurity and job 

insecurity on attention, such that the indirect effect will be stronger when perceived 

supervisor support is low. 

Method 

Sample and Data Collection Procedures 

In partnership with two industry associations, we gathered data from a broad cross-

section of workers in the USA employed in the energy sector, resulting in responses from 421 

full-time employees from 165 organizations. Data collection was approved by the University of 

Houston’s Institutional Review Board (IRB #: 02229). Participants from industry association A 

filled out the survey from March 30, 2020 to April 8, 2020, with 96.2% filling out the survey 

from March 30, 2020 to April 1, 2020. Industry association B filled out the survey from March 

26, 2020 to April 7, 2020 with much more variability in the days they filled out the survey (e.g., 

March 26, 2020 to March 28, 2020 = 43.8%, March 30, 2020 to April 1, 2020 = 40.0%, and 

April 7, 2020 = 8.1%). We did not expect survey data quality to differ for those filling out the 

survey early than those who needed reminders and filled out the survey later (Ingels, 2020).  

The organizations and employees represent a wide range of sub-sectors involved in 

producing and selling energy with organizations varying widely in size. The two industry 

associations sent email invitations to their members and requested they complete an anonymous 

survey. Participants entered raffle drawings for 10 $100 Amazon gift cards. The current data is 

part of a broader study on the outlook of the energy industry in response to COVID-19. To 
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ensure the sampling method did not affect our results, we included control variables detailed 

below and utilized Unconstrained Product Indicator analysis due to potential non-normality in 

the distribution (Marsh et al., 2007). The Mplus code can be found in Appendix A.  

Participant Demographics  

A majority of the participants identified as white (65%) and as women (64%). On 

average, participants had worked 15.7 years in the energy industry and were 43 years old. 40% 

of participants worked for companies where cost-cutting initiatives had been announced in the 

news across 35 different companies. Sample job titles of participants included mechanical 

engineer, process engineer, and health and safety specialist.  

Measures 

The survey content was developed in partnership with industry associations and measures 

for this paper, which were embedded in a more extensive survey to meet industry partner 

associations’ information needs and our study’s needs. Given total survey length restrictions, we 

adapted validated scales using Stanton et al.’s (2002) guidelines. As discussed in Heggestad et 

al.’s (2019) review of scale adaptation practices, we focused on retaining critical scale features. 

Specifically, we focused on maintaining content validity by ensuring all aspects of construct 

definitions were addressed through the items used. We pilot-tested the instrument with 

employees of our industry association partners and further adapted items based on feedback. All 

measures with the prefix ‘COVID-19’ were adapted to make them specific to this economic 

crisis context by including phrases such as ‘... during COVID-19’. Unless otherwise indicated, 

participants responded to items using a 5-point Likert-type scale ranging from strongly disagree 

(1) to strongly agree (5). Participants took an average of 8-10 minutes to complete the survey. 

Job Insecurity Measure and Validation Study 

We adapted Van der Elst and colleagues’ (2014) short job insecurity scale to the COVID-

19 context, and we use one of their items and modify the other two based on our industry 
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partners’ input to reflect cognitive and affective job insecurity (Jiang & Lavaysse, 2018). The 

final items used were “I feel insecure about the future of my job because of COVID19,” “I 

expect significant changes in my employment situation in the next six months due to COVID-

19,” and “I am worried about paying my mortgage and other necessities during the next year.” 

To ensure the adapted job insecurity scale was reliable and valid, we surveyed and 

conducted supplemental analyses on a separate sample of energy industry employees (N = 299) 

from April 27, 2020 to May 7, 2020. We used the above three-item job insecurity scale in this 

study and examined three additional non-adapted job insecurity items from Van der Elst et al.’s 

(2014) scale: “Chances are I will soon lose my job,” “I think I might lose my job in the near 

future,” and reverse-coded “I am sure I can keep my job.” Then, we created two scales: one scale 

had the three items adapted for the industry associations and the second scale had only the three 

items from Van der Elst et al. (2014). To examine the three-item adapted scale’s reliability and 

validity, we conducted three analyses: reliability analyses, correlated the two scales, and 

correlated job insecurity with attention. The three-item scale (𝛼𝛼 = .70) adapted for the industry 

associations and scale with three items from Van der Elst et al. (2014;  𝛼𝛼 = .87) were both 

reliable, and the two scales were strongly correlated (r = .72). These two analyses indicate that 

the adapted three-item adapted scale is reliable and closely related to the non-adapted items. 

Further, the correlation between the adapted three-item scale and attention (r = .32) and the Van 

der Elst et al. (2014) items and attention (r = .23) are highly similar, which provides evidence 

that the three-item scale exhibits similar criterion validity to the six-item scale for attention.  

Company Cost-Cutting Announcement 

Cost-cutting was measured using independent news reports about cost-cutting announced 

by participants’ respective employers. To ensure participant confidentiality and cooperation and 

to use researcher-coded cost-cutting indicators rather than self-reports, we did not ask 

participants for their company’s cost-cutting practices. For each company, graduate and 
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undergraduate student research assistants served as raters, and raters calibrated ratings to achieve 

consistency in coding through discussions. They conducted Google searches and coded for the 

announcement of budget cuts, layoffs, or furloughs. We compared the date of the media article 

and the date the respondent took the survey. We only coded that the participants were exposed to 

a cost-cutting announcement if the respondent completed the survey after the date of the media 

article. To ensure the company cost-cutting was due to COVID-19, we only searched for public 

news releases from March 1, 2020 to April 8, 2020 as the pandemic was increasing in strength. 

The variable was coded as binary as yes (1) or no (0) if any cost-cutting announcement (budget 

cuts, layoffs, or furloughs) occurred before the participant completed the survey or if the 

company did not have a cost-cutting announcement. First, five raters were trained on the protocol 

and all five rated nine companies with 83% accuracy. Then, the rest of the companies were split 

between the five raters and a final rater went through each coded news article to ensure 

reliability.  

Perceived Supervisor Support 

Perceived supervisor support was measured with three items (𝛼𝛼 = .91; Eisenberger et al., 

2002). The three items were: “My supervisor cares about my opinion,” “My supervisor really 

cares about my well-being,” and “My supervisor strongly considers my goals and values.” 

Attention 

We adapted three items (𝛼𝛼 = .81) from the attentional component of a work situation 

awareness scale (Sneddon et al., 2013) to be COVID-19 specific. The three items on attentional 

failures are: “Since the COVID-19 outbreak started, I often have difficulty paying close attention 

to details, which results in careless errors,” “ Since the COVID19 outbreak started, I often find 

myself speaking or acting without thinking,” and “Since the COVID19 outbreak started, when I 

finish reading or being told instructions, I often have to re-read them or ask for them to be 
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repeated as I don’t remember them.” The three items were reverse-coded to represent attention 

and ease interpretability.   

Demographic Covariates 

We determined our selection of covariates based on theoretical relevance and past 

research (Bernerth & Aguinis, 2016). We included self-reported gender (0 = man, 1 = woman), 

partner (yes/no), the number of hours partner worked per week, and the number of children, as 

these variables were likely to covary with the variables of interest. Keim et al. (2014) note 

inconsistent findings in the literature with gender, so we include gender as a covariate to account 

for these potential differences. Employees with partners, especially partners working more hours, 

may experience fewer consequences of cost-cutting as their partners contribute to their family’s 

income. Similarly, employees with children and more children may experience worse 

consequences with cost-cutting announcements as they have more financial commitments. We 

also included company size and sample source. Company size was manually coded using public 

information available online about the respondents’ companies. The U.S. Department of Labor 

requires larger organizations to announce cost-cutting through the Worker Adjustment and 

Retraining Notification Act (WARN) of 1988 (29 USC 2100 et. seq.), “Protects workers, their 

families and communities by requiring most employers with 100 or more employees to provide 

notification 60 calendar days in advance of plant closings and mass layoffs.” Our survey was 

distributed through two industry associations, so including the source and company size allowed 

us to account for any systematic differences across the companies and two samples. 

Results 

Measurement Model  

Table 1 presents descriptive statistics and bivariate correlations. We used full information 

maximum likelihood (FIML) estimation throughout to deal with missing data given its superior 

performance to alternatives (e.g., listwise deletion; Enders & Bandalos, 2001) and missing data 
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guidelines (Newman, 2014) suggest using all available data. Prior to testing our hypotheses, we 

performed a series of confirmatory factor analyses at the individual level to test the measurement 

model specifying job insecurity, perceived supervisor support, and attention.  

[Insert Table 1 here] 

The three-factor model provided good fit (χ2 = 38.11, df = 24, p < .05; CFI = .99, TLI = .99, 

RMSEA = .04, SRMR = .03) and fit the data better than the best-fitting two-factor model (χ2 = 

436.79, df = 26, p < .001; CFI = .79, TLI = .70, RMSEA = .20, SRMR = .13), and a one-factor 

model (χ2 = 1259.71, df = 27, p < .001; CFI = .26, TLI = .14, RMSEA = .33, SRMR = .21; see 

Table 2). 

Hypothesis Testing 

We used the Unconstrained Product Indicator (UPI; Marsh et al., 2007) approach with 

Mplus 8.0 (Muthén & Muthén, 2017) to test the hypothesized moderated mediation model. In 

our study, cost-cutting announcements is a binary variable and two of the three perceived 

supervisor support indicators are negatively skewed and positively kurtotic (skewness = - 1.44 

and -1.49, respectively; kurtosis = 1.79 and 1.96, respectively). In this case, the normality of the 

indicators cannot be assumed. In contrast, the UPI approach does not impose any constraints 

based on the normality assumption (Marsh et al., 2004). As such, the UPI approach is more 

appropriate to use and can provide less biased results in our study (Marsh et al., 2004). Because 

we are dealing with latent variables, we utilized the UPI approach to create indicators for the 

interaction terms (e.g., Eisenberger et al., 2002).  

Following the steps recommended by Marsh et al., (2007), we first centered company 

cost-cutting announcements, the indicators of job insecurity, and the indicators of perceived 

supervisor support by their grand means. Next, utilizing the matched pair strategy, we created the 

product indicators for the interaction of company cost-cutting announcement with perceived 

supervisor support and interaction of job insecurity with perceived supervisor support (Marsh et 
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al., 2004). In specific, the indicators of company cost-cutting announcement/job insecurity were 

paired and multiplied with the indicators of perceived supervisor support based on their 

reliabilities. Also, each of the indicators was used only once when forming the product indicators 

of the latent interaction factors (Marsh et al., 2004). More detailed information on our use of the 

matched pair strategy can be found in Appendix B. 

[Insert Table 2 here] 

As compared to other latent variable interaction modeling approaches, such as Latent 

Moderated Structural Equations (LMS; Klein & Moosbrugger, 2000) and Constrained Product 

Indicator (CPI; Jӧreskog & Yang, 1996), the UPI approach provides more reliable latent 

interaction estimates when the assumption of normality is violated (Cham et al., 2012). 

Considering that the participants came from different organizations and the focus of the current 

study is how company cost-cutting may affect individual employees, we used “Type = Complex” 

syntax in Mplus that adjusted standard errors using a sandwich estimator to account for the 

nested nature of the data (Muthén & Muthén, 2017). Finally, Monte Carlo resampling method 

was used to estimate the indirect effect and the conditional indirect effects (Preacher & Selig, 

2012).  

To assess the main effects and indirect effect, we first tested a mediation model where 

perceived supervisor support was not included as a moderator. The indirect effects are reported 

in Table 3. The model provides a good model fit (χ2 (36) = 52.86, p < .05; CFI = .98, TLI = .97, 

RMSEA = .03, SRMR = .03). Consistent with hypothesis 1, company cost-cutting announcements 

is significantly associated with job insecurity (b = .30, SE = .14, p < .05). Hypothesis 2 is that job 

insecurity is negatively associated with attention, which is supported (b = -.24, SE = .03, p < 

.001). Hypothesis 3 proposed that company cost-cutting announcements are associated with 

attention indirectly through job insecurity. To estimate the indirect effect, we adopted the 

parametric bootstrapping approach using an R-web utility developed by Selig and Preacher 
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(2009) to yield asymmetric confidence intervals (CIs). The 20,000-repetition Monte Carlo tests 

indicated that job insecurity mediated the relationship of company cost-cutting announcements 

with attention (Unstandardized Indirect Effect = -.07, 95% CI [-.12, -.004]). Hypothesis 3 is 

supported.  

[Insert Figure 1 here] 

Next, we ran the moderated mediation model to assess the moderating effects and 

conditional indirect effects. The model provided a good fit to the data (χ2 (116) = 186.85, p < 

.001; CFI = .97, TLI = .95, RMSEA = .04, SRMR = .04). Figure 1 presents the SEM results for all 

the model paths. Hypothesis 4a stated that perceived supervisor support moderates the 

relationship between company cost-cutting announcements and job insecurity, such that the 

relationships are stronger when perceived supervisor support is low. However, perceived 

supervisor support does not moderate the relationship between company cost-cutting 

announcements and job insecurity (b = .02, SE = .04, ns). Hypothesis 4a is not supported.  

Hypothesis 4b stated that perceived supervisor support moderates the relationship 

between job insecurity and attention, such that the relationships are stronger when perceived 

supervisor support is low. Figure 2 presents the simple slopes of the relationships of job 

insecurity with attention. Perceived supervisor support moderates the relationships between job 

insecurity and attention (b = -.15, SE = .07, p < .05). The relationships of job insecurity with 

attention are stronger at higher levels of perceived supervisor support (b = -.36, SE = .07, p < 

.001) than at lower levels of perceived supervisor support (b = -.07, SE = .09, ns). Hypothesis 4b 

is not supported as the interaction effect is not in the hypothesized direction. Perceived 

supervisor support only resulted in improved attention when job insecurity was lower.  

Hypothesis 4c proposed that the conditional indirect effect of company cost-cutting 

announcements on attention via job insecurity will be stronger when perceived supervisor 

support is low. The conditional indirect effects are reported in Table 4. Hypothesis 4c is not 
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supported as the effects are in the opposite direction with higher values of perceived supervisor 

support resulting in stronger indirect effects.  

[Insert Figure 2 here] 

Although the findings seem to be inconsistent with Hypotheses 4b and 4c, the results suggest that 

attention levels are generally higher when perceived supervisor support is high compared to 

when supervisor support is low. Moreover, at low job insecurity, high levels of supervisor 

support largely enhance attention, indicating the potential benefits of perceived supervisor 

support for employees low in job insecurity. 

[Insert Table 3 and Table 4 here] 

Lastly, some of the covariates were significant in Table 4. Women had lower attention (b 

= -.38, SE = .10, p < .001), those with partners had higher attention (b = .21, SE = .09, p < .05), 

attention decreased with the number of children (b = -.18, SE = .04, p < .001). COVID-19 and 

the forced transition to remote work may explain these effects as their work and family 

boundaries are blurred. On average, women take on more of the childcare and household labor, 

including cognitive labor (Daminger, 2019; Lachance-Grzela & Bouchard, 2010). This lopsided 

division of labor may distract them more than men, along with more children adding more 

distractions. Employees with a partner may be able to better balance their work and family 

responsibilities, allowing them to pay more attention at work. The source covariate is also 

significant for job insecurity (b = -.30, SE = .15, p < .05) and attention (b = -.23, SE = .10, p < 

.05). The sample characteristics of each source may explain some of these effects as one of the 

industry associations had a much higher sample of women and the employee’s partners worked 

more hours. 

Discussion 

The uncertainty from cost-cutting during an economic crisis emphasizes that more 

research is needed to illuminate how employees interpret widespread organizational events and 
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how these events affect employee cognitive outcomes, such as attention. Past studies focused on 

individual organizations undergoing bankruptcy (e.g., Mohr, 2000) or mergers (e.g., Lam et al., 

2015; van Dick et al., 2006), however economic crises occur at a more macro scale and impact a 

multitude of organizations. The impact of job insecurity on cognitive processes are not as well-

understood with the current study contributing to filling this gap. Drawing on self-regulation 

theories, we explored cost-cutting announcements’ indirect effect and job insecurity’s direct 

effect on attention. We further examined perceived supervisor support as a potential mechanism 

for buffering the effects of cost-cutting on job insecurity and job insecurity on attention.  

In the current study, we hypothesized that cost-cutting announcements during an 

economic crisis would lead to employees interpreting their employment situation as threatened 

and experience job insecurity. In line with Hypothesis 1, cost-cutting announcements increase 

job insecurity, which extends previous findings by examining an industry hard hit by an 

economic crisis.  Second, we expected job insecurity to decrease attention based on self-

regulation theories (Beal et al., 2005). Job insecurity likely triggers off-task attentional demands 

that make paying attention at work harder for employees. Hypothesis 2 was supported with job 

insecurity being negatively related to attention, which indicates that job insecurity may impact 

attention. Our Hypothesis 3 extends the first two hypotheses by testing the indirect effect of cost-

cutting announcements on attention through their perceptions of their job being threatened. This 

expectation was supported, which indicates that cost-cutting announcements affect the attention 

of remaining employees via their job insecurity. This finding supports self-regulation theories by 

showing that cost-cutting announcements elicit off-task attentional demands that impact 

attention.  

We extend prior research (Lawrence et al., 2013; Schreurs et al., 2012) showing 

supervisors represent important features of an employee’s environment. For Hypothesis 4a, we 

anticipated that higher perceived supervisor support would strengthen the relationship between 
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cost-cutting announcements and job insecurity however, this moderation effect of supervisor 

support on job insecurity and attention was not supported. Instead, perceived supervisor support 

directly reduced job insecurity regardless of the organization’s cost-cutting announcements, 

indicating that supervisors may be generally important for reducing job insecurity. Hypothesis 4b 

proposed lower perceived supervisor support as strengthening the relationship between job 

insecurity and attention. This hypothesis was not supported; job insecurity during an economic 

crisis may be too strong to be alleviated by general supervisor support. Individuals low on job 

insecurity had increased attention when supervisors supported them. Supervisor support may be 

less effective for employees with high job insecurity due to highly dissonant information. The 

organization signals that the individual’s employment is threatened, yet the supervisor continues 

to be supportive. Thus, inconsistent messaging may limit the employees’ ability to attend to their 

work environment. Essentially, perceived supportive supervision can only improve employee’s 

attention if the employee is not preoccupied with the instability and uncertainty of their job. 

Lastly, we expected perceived supervisor support to moderate the indirect effect of cost-

cutting announcements on attention via job insecurity (Hypothesis 4c). This effect was not 

supported for the above reason that job insecurity during an economic crisis may be too strong 

for the supervisor’s general support to be effective. In summation, these results extend the job 

insecurity literature and self-regulation theories by showing that cost-cutting announcements 

during an economic crisis affect employee attention through their job insecurity. Additionally, 

general supervisor support may not be enough to mitigate the attention-pulling effects of cost-

cutting during an economic crisis.      

Practical Implications 

Our findings point to two key practical implications for organizations during the COVID-

19 economic crisis and in future economic crises. First, organizations can help employees in the 

sensemaking process to interpret their employment situation as secure. When organizations 
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announce cost-cutting measures, employees will be more likely to interpret their current job as 

threatened, resulting in reduced attention and likely worse work and health outcomes (e.g., de 

Jong et al., 2016; Jiang & Lavaysse, 2018). Potential solutions include providing effective 

organizational communication with an emphasis on transparency with employees about the 

reasons behind the cost-cutting (Keim et al., 2014). Our study did not find perceived supervisor 

support to be effective in increasing attention when job insecurity is high. Employees may be 

particularly affected by the widespread economic crisis, such that general supervisor support 

may not ease their concerns. Although this finding is unexpected, future research could focus on 

more domain-specific supervisor support and trainings. For example, family supportive 

supervisor behavior training (Odle-Dusseau et al., 2016) and supervisor mental health training 

(Dimoff & Kelloway, 2019) provide evidence for domain-specific supervisor training to impact 

outcomes and general frameworks for future interventions that specifically target attention. 

Second, organizations need to be prepared to mitigate the potential impact of reduced attention to 

ensure the best outcomes for their employees and the organization. One potential mechanism 

would be an online employee workplace mindfulness intervention, which could help minimize 

job insecurity related rumination (Aikens et al., 2014). 

Limitations and Future Directions 

Despite our study’s contributions, several study limitations should be addressed in 

subsequent research. First, our entire sample was drawn from the energy industry, which 

includes employees from 165 different companies in an essential industry hit hard by cost-

cutting initiatives. Future research is needed to better understand other industries hit hard by the 

pandemic (e.g., retail) that provide workers with lower wages than energy industry jobs and 

make them vulnerable to the consequences of job loss. Although the data was collected from 

multiple organizations, the average cluster size is 2.51, which may not be sufficient for a 

multilevel analysis. Further, the ICC[1] of attention is .01, which suggests that attention may not 
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be aggregated at the between-level. Taken together, it may not be appropriate for our study to 

estimate the effects at the organizational level. Future research should obtain a larger sample size 

from each organization to identify firm-level contextual variables. 

Second, our data were obtained in partnership with industry associations, which limited 

our ability to use full-length measures. We conducted a supplementary analysis for job insecurity 

using a separate sample to replicate the reliability and validity compared to a full scale. 

Consistent with Heggestad et al. (2019) recommendations, we recommend our findings be 

replicated and extended using the full-length scales. A strength of the study was our ability to 

obtain rapid access to respondents during a two-week timeframe as COVID-19 cases were 

quickly increasing, large numbers of employers were cutting costs, and obtain researcher-coded 

data on cost-cutting initiatives in 165 organizations. Future research should include self-report 

data on employee awareness of company cost-cutting practices to provide additional evidence for 

coding news reports.  

Third, our study did not include all possible cognitive mechanisms and focused only on 

attention. Future research is needed to better understand how other cognitive components 

important for task execution (e.g., working memory and decision making) are affected. The 

nomological network of attention needs to be clarified as attention is a narrower component or 

precursor of similar constructs, such as cognitive functioning (Fisher et al., 2019) and self-

regulation failure (Baumeister & Heatherton, 1996). Fourth, we did not distinguish between 

quantitative job insecurity (i.e., job loss) and qualitative job insecurity (i.e., losing features of the 

job). Given previous research on the importance of distinguishing between the two dimensions 

(e.g., Jiang & Lavaysse, 2018), future research should include both to delineate any potential 

differential effects on attention. Lastly, several of the relationships we tested were cross-

sectional, limiting causal inference. However, the detection of interactions is not affected by the 

cross-sectional nature of the data and may even be harder to detect in cross-sectional data 
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(Siemsen et al., 2010), strengthening our finding of supervisor support as a buffer between job 

insecurity and attention. Previous research has identified the quality of the leader-member 

relationship as important for job insecurity (e.g., Wang et al., 2019), which may also impact the 

efficacy of supervisor support for reducing job insecurity and should be incorporated in future 

research examining economic crises.  

Conclusion 

We add to the literature on work risks during economic crises by examining the role of 

widespread organizational cost-cutting announcements in job insecurity and suggesting 

supervisor support as a mechanism that organizations can use to mitigate job insecurity’s effect 

on attention. In sum, this paper provides early findings that contribute to our understanding of 

the changing nature of work during the COVID-19 economic crisis and identifying supervisor 

support that may help mitigate risks caused by large numbers of employers using cost-cutting 

measures in the current pandemic and in future economic crises. 
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Table 1. Means, Standard Deviations, and Correlations 
 M SD 1 2 3 4 5 6 7 8 9 
1.Co.Event .47 .50          
2.Job 
Insecurity 3.18 1.16 .13*         

3. PSS 4.15 .94 .04 -.22***        
4.Attention 2.26 1.00 .003 -.29*** -.17**       
5. Women .63 .49 .16*** .02 .01 .11*      
6.Partner .73 .44 .09 -.02 .10* -.07 -.01     
7.Partner 
Hours 27.43 21.64 .08 .09 -.04 .08 .25*** .38***    

8.# Children .68 .89 .13* .05 .04 .16*** -.03 .23*** .08   
9.Sample 
Source .44 .50 -.20*** -.08 -.05 -.01 -.72*** -.10 -.26*** .01  

10.Co.Size 43239.66 60928.41 .25*** -.01 .05 -.01 -.01 -.001 .01 .03 -.001 
Notes: N = 278-417 for M and SD. N = 421 for correlations using FIML. *p < .05, **p < .01, ***p < .001. Co. event = Company 
cost-cutting announcement; PSS = perceived supervisor support; partner hours = partner weekly work hours. # children = number of 
children 
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Table 2. Confirmatory Factor Analysis Results 
Model χ2 df ∆χ2 ∆df RMSEA SRMR CFI TLI 

Three-factor model 38.11* 24   .04 .03 .99 .99 
Two-factor model 
(Combining job insecurity 
with PSS) 

869.89*** 26 831.78*** 2 .28 .17 .56 .29 

Two-factor model 
(Combining job insecurity 
with attention) 

436.79*** 26 398.68*** 2 .20 .13 .79 .70 

Two-factor model 
(Combining PSS with 
attention) 

494.23*** 26 456.12*** 2 .21 .16 .76 .66 

Single-factor model 1259.71*** 27 1221.60*** 3 .33 .21 .36 .14 
Note. N = 421. p < .05, **p < .01, ***p < .001.  PSS = perceived supervisor support
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Table 3. Summary of Results of the Mediation Model 

Effect Type 
Unstandardized 

Coefficient SE 95% CI 

Direct Path    

Job Insecurity    

Company cut announcementJob insecurity  .30* .14 [.03, .57] 

Woman Job insecurity -.29 .13 [-.59, .001] 

Partner Job insecurity -.18 .08 [-.44, .08] 

Number of hours partner worked Job insecurity .01* .003 [.001, .01] 

Number of children Job insecurity .04 .07 [-.09, .17] 

Company size Job insecurity .00 .001 [-.003, .002] 

Source Job insecurity -.32* .16 [-.63, -.01] 

Attention    

Job insecurityAttention -.24*** .03 [-.30, -.17] 

Company cut announcementAttention .12 .10 [-.07, .31] 

GenderAttention -.40*** .10 [-.60, -.21] 

PartnerAttention .24** .08 [.07, .41] 

Number of hours partner workedAttention -.003 .002 [-.01, .001] 

Number of childrenAttention -.18*** .04 [-.26, -.09] 

Company sizeAttention .00 .001 [-.001, .001] 

SourceAttention -.30** .10 [-.49, -.11] 

Indirect Effect    

Company cut announcementJob insecurityAttention -.07* .04 [-.14, -.004]  

R2    

Job insecurity  .05 

Attention .20***  

Note. N = 421. *p < .05, **p < .01, *** p < .001. PSS = Perceived Supervisor Support.  
 
 
  



COVID-19, JOB INSECURITY, & ATTENTION          30 

Table 4. Summary of Results of the Moderated Mediation Model 

Effect Type Unstandardized 
Coefficient SE 95% CI 

Direct Path    

Job Insecurity    

Company cut announcementJob insecurity  .28* .14 [.01, .55] 

PSSJob Insecurity  .08 .09 [-.09, .25] 

Company cut announcement×PSSJob insecurity  .02 .04 [-.06, .10] 

Woman Job insecurity -.28 .15 [-.57, .004] 

Partner Job insecurity -.21 .13 [-.47, .05] 

Number of hours partner worked Job insecurity .01* .003 [.001, .01] 

Number of children Job insecurity .04 .06 [-.08, .16] 

Company size Job insecurity -.001 .001 [-.003, .002] 

Source Job insecurity -.30* .15 [-.59, -.001] 

Attention    

Job insecurityAttention -.22*** .03 [-.28, -.15] 

Company cut announcementAttention .11 .10 [-.08, .30] 

PSSAttention .13* .05 [.03, .23] 

PSS×Job insecurityAttention -.15* .07 [-.28, -.01] 

WomanAttention -.38*** .10 [-.58, -.18] 

PartnerAttention .21* .09 [.04, .38] 

Number of hours partner workedAttention -.002 .002 [-.01, .002] 

Number of childrenAttention -.18*** .04 [-.26, -.10] 

Company sizeAttention .00 .001 [-.001, .001] 

SourceAttention -.23* .10 [-.43, -.03] 

Conditional Indirect Effect    

Low PSS (-1 SD) -.02 .02 [-.08, .03] 

Medium PSS (Mean) -.06* .03 [-.12, -.002] 

High PSS (+1 SD) -.11* .06 [-.24, -.01]  

R2    

Job insecurity  .01 

Attention .24*** 

Note. N = 421. *p < .05, **p < .01, *** p < .001. PSS = Perceived Supervisor Support.  
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Figure 1. The Moderated Mediation Model 

 
Note. *p < .05; **p < .01; ***p < .001. Unstandardized coefficients are reported; Standard errors 
are shown in the parentheses.  
 
 
 
Figure 2. The moderation effect of perceived supervisor support (PSS) on the relationship 
between job insecurity and attention. 
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Appendix A. Mplus Code 
USEVARIABLES ARE 
   OrgID 
   ACE 
   Source 
   JIS1 JIS2 JIS3 
   PSS1 PSS2 PSS3 
   NumChi PHOUR CSIZE 
   Female Relation 
   Int_A1  
   Int_J1 Int_J2 Int_J3 
   SiAw1 SiAw2 SiAw3; 
    
   CLUSTER IS OrgID; 
    
   Define:  
   Center ACE PSS1 PSS2 PSS3 JIS1 JIS2 JIS3 (GRANDMEAN); 
   Int_A1 = ACE * PSS1;  !create the interaction indicators 
   Int_J1 = PSS1 * JIS2;  !create the interaction indicators 
   Int_J2 = PSS2 * JIS1;  !create the interaction indicators 
   Int_J3 = PSS3 * JIS3;  !create the interaction indicators 
   SiAw1 = 8 - SiAw1r;  
   SiAw2 = 8 - SiAw2r; 
   SiAw3 = 8 - SiAw3r; 
    
   ANALYSIS: 
   TYPE IS Complex; 
   Estimator = MLR; 
   Iteration = 10000; 
    
   MODEL: 
   !Measurement Model  
   JIS by JIS1 JIS2 JIS3; 
   PSS by PSS1 PSS2 PSS3; 
   SAW by SiAw1 SiAw2 SiAw3; 
   Int_A by Int_A1;  !measurement model for interaction factor 
   Int_J by Int_J1 Int_J2 Int_J3;  !measurement model for interaction factor 
    
   !Structural Model 
   JIS on ACE (a1); 
   JIS on Int_A (a2); 
   JIS on PSS; 
   JIS on NumChi PHOUR 
   Female Relation Source CSIZE; 
   SAW on ACE; 
   SAW on JIS (b1); 
   SAW on PSS (b2); 
   SAW on Int_J (b3); 
   SAW on NumChi PHOUR 
   Female Relation Source CSIZE; 
   
   !Covariances   
   ACE with CSIZE  
   NumChi PHOUR 
   Female Relation Source; 
   CSIZE with PSS NumChi PHOUR 
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   Female Relation Source; 
    
   NumChi with PSS PHOUR 
   Female Relation Source; 
    
   PHOUR with PSS 
   Female Relation Source;  
    
   PSS with Female Relation Source; 
    
   Female with Relation Source; 
    
   Relation with Source; 
    
   PSS with ACE (COV1);  
   JIS with PSS (COV2); 
    
   !Factor Variances 
   JIS @1; 
   PSS @1; 
   [JIS@0]; 
   [PSS@0]; 
   Int_A (Var1); !Interaction variance 
   Int_J (Var2); !Interaction variance 
   
  MODEL CONSTRAINT:  
  NEW(LOW_PSS MED_PSS HIGH_PSS  
  ALOWS AMEDS AHIVS 
  BLOWS BMEDS BHIVS 
  INDL INDM INDH); 
 
  LOW_PSS = -1;    
  MED_PSS = 0;     
  HIGH_PSS = 1; 
     
  ALOWS = a1 + a2*LOW_PSS; 
  AMEDS = a1 + a2*MED_PSS; 
  AHIVS = a1 + a2*HIGH_PSS; 
     
  BLOWS = b1 + b3*LOW_PSS; 
  BMEDS = b1 + b3*MED_PSS; 
  BHIVS = b1 + b3*HIGH_PSS; 
 
  INDL = (a1 + a2*LOW_PSS)*(b1 + b3*LOW_PSS); !Estimate conditional indirect effects 
  INDM = (a1 + a2*MED_PSS)*(b1 + b3*MED_PSS); !Estimate conditional indirect effects 
  INDH = (a1 + a2*HIGH_PSS)*(b1 + b3*HIGH_PSS); !Estimate conditional indirect effects 
     
  VAR1 = 1 + COV1**2; !Constraint to scale interaction factor 
  VAR2 = 1 + COV2**2; !Constraint to scale interaction factor 
    
   OUTPUT: STANDARDIZED CINTERVAL TECH1 TECH3; 

  



COVID-19, JOB INSECURITY, & ATTENTION          34 

Appendix B. Matched Pair Strategy 

Marsh et al. (2004) suggested that when forming the indicators of the latent variable 

interaction factors, 1) each of the multiple indicators of the independent variables should be used 

only once; and 2) all of the multiple indicators of the independent variables should be used. 

Given that cost-cutting only has one indicator, we used the indicator of supervisor support with 

the highest loading to meet the first recommendation from Marsh et al. (2004). However, this 

could violate the second recommendation. 

As such, we tested the model where the indicator of cost cutting was multiplied with each 

of the three indicators of the perceived supervisor support scale to create three indicators of the 

latent interaction factor. We got very similar results. Specifically, we found cost-cutting was 

significantly related to job insecurity (b = .28, SE = .14, p = .044). Also, perceived supervisor 

support moderated the relationship between job insecurity and attention (b = -.15, SE = .07, p = 

.036) but not the relationship between cost-cutting and job insecurity (b = .11, SE = .18, ns).  

Moreover, Marsh et al. (2004) noted that there are many situations where their two 

recommendations may not be easily incorporated. They compared different matching strategies 

including the one-pair strategy, which is the strategy we adopted in the manuscript for the 

interaction between cost-cutting and supervisor support. They reported that the results of 

different matching strategies did not make much difference unless there were substantial 

differences between the factor loadings for different items on the same factor and the sample size 

is small (Marsh et al., 2004, p. 296). Since we have a large sample size and the factor loadings of 

the three perceived supervisor support items are similar to one another (.88, .90, .92, 

respectively), the results produced with using this one-pair strategy should be reliable. 
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