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Multi-criteria evaluation of renewable energy alternatives for 1 

electricity generation in a residential building 2 

Abstract  3 

The residential sector is well known to be one of the main energy consumers worldwide. The 4 

purpose of this study is to select the best renewable energy alternatives for electricity generation 5 

in a residential building by using a new integrated fuzzy multi-criteria group decision-making 6 

method.  In renewable energy decision-making problems, the preferences of experts and 7 

decision-makers are generally uncertain. Furthermore, it is challenging to quantify the reel 8 

performance of renewable energy alternatives using a set of exact values. Fuzzy logic is 9 

commonly applied to deal with those uncertainties.   10 

The method proposed in this paper combines different methods. First, the Delphi method is 11 

used in order to select a preliminary set of renewable energy alternatives for electricity 12 

generation as well as a preliminary set of criteria (economic, environmental, social, etc.). Then, 13 

the questionnaire is used to study the renewable energy alternatives preferences of the residents 14 

of the residential building’.  Later, the FAHP (Fuzzy Analytical Hierarchy Process) is 15 

implemented to obtain the weighs of the criteria taking into consideration uncertainties in 16 

expert's judgments. Finally, the FPROMETHEE (Fuzzy Preference Ranking Organization 17 

Method for Enrichment Evaluation) global ranking is performed in order to get a complete 18 

ranking of the renewable energy alternatives taking into account uncertainties related to the 19 

alternatives’ evaluations.  20 

The originality of this paper comes from the application of the proposed integrated Delphi- 21 

FAHP- FPROMETHEE methodology for the selection of the best renewable energy 22 
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alternatives for electricity generation in a residential building.  A case study has validated the 23 

effectiveness and the applicability of the proposed method. The results reveal that the proposed 24 

integrated method helps to formulate the problem and is particularly effective in handling 25 

uncertain data. It facilitates the selection of the best renewable energy alternatives in a manner 26 

that is participatory, comprehensive, robust, and reliable. 27 

Keywords:  28 

Delphi, FAHP, FPROMETHEE, residential buildings, electricity generation, renewable energy 29 

alternatives 30 

 31 

 32 

 33 

 34 

 35 

 36 

 37 

 38 

 39 

 40 

 41 

 42 
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1 Introduction  44 

It is no longer debated that the world energy consumption and CO2 emissions are directly 45 

affecting the climate change and the global warming. In order to preserve the planet for the 46 

future generations, the reduction in energy consumption and CO2 emissions is of crucial 47 

importance. The residential energy sector has become strategic to achieve rapid CO2 emission 48 

reductions. In fact, 25% of the global energy is consumed by the residential sector while he is 49 

responsible of 17% of the global CO2 emissions (6% of direct and 11% of indirect due to 50 

electricity consumption) [1]. Consequently, the control of CO2 emissions in the residential 51 

sector would positively affect the climate change and the global warming. 52 

Electricity represents a very important energy source for the global residential sector. It is the 53 

second largest energy source for global residential needs accounting for 21% of energy 54 

utilization preceded only by traditional biomass, which represents 40% of the total residential 55 

energy market [2]. It is clear that the rise in energy consumption in the global residential sector 56 

is directly increasing the global warming. However, the global warming is affecting the energy 57 

consumption in the global residential sector as well. In fact, the residential cooling depends on 58 

the exterior climate and the expansion, persistence, and intensification of heat waves caused by 59 

the global warming is rising the electricity demands for the cooling needs [3]. 60 

For the developing as well as the developed countries, energy production is a very important 61 

factor in order to reach their development objectives and to support their growing economy, 62 

urbanization, and population. In order to highlight the importance of sustainable development 63 

and green energy, the decade 2014‑2024 was declared unanimously as “the Decade of 64 

Sustainable Energy for All” by The United Nations General Assembly [4].  65 

Renewable energy support policies of different countries (China, EU members US, Canada, 66 

Australia, etc.) have been introduced essentially to convert the current energy systems 67 
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(increased use of fossil fuels, increased energy consumption and significant emissions of 68 

environmental pollutants) to highly efficient green sustainable energy systems. Currently, 164 69 

countries (more than a half are developing countries) have sustainable energy development as 70 

a target and 145 countries have already in place policies to support their sustainable energy 71 

development [5]. 72 

In order to deal with the environmental concerns coming in the path of sustainable development, 73 

the integration of appropriate renewable energy alternatives for electricity generation in 74 

residential buildings is of crucial importance. For instance, since 2014 the use of minimum 75 

levels of energy from renewable sources in new buildings and in existing buildings that are 76 

subject to major renovation is required by the building regulations of EU member states [6]. 77 

However, different drivers and barriers influence the expansion of electricity generation from 78 

renewable energy sources (techno-economic, administrative, political and social barriers) [7-79 

9].  80 

Many scholars have considered the lack of methodological support in order to select the best 81 

renewable energy alternative as the main barrier to the implementation of electricity generation 82 

from renewable energy sources. Numerous studies concerning the selection of the best 83 

renewable energy alternative are available for Romania [10], Malaysia [11], Turkey [12], 84 

Lithuania [13], Saudi Arabia [14], Greece [15], and Ecuador [16]. These studies highlighted the 85 

fact that the selection of the best solutions among a vast diversity of alternatives (wind 86 

generators, biomass, solar energy, geothermal, hydro generators) taking into consideration 87 

different criteria (economic, environmental, social, etc.) is a complex decision problem.  88 

Other studies conducted in Finland [17], United Kingdom [18], Lithuania [19], and Greece [20] 89 

have emphasized on the necessity to take into account the renewable energy alternatives 90 

preferences of the inhabitants of the residential buildings.  91 
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Another stream of research has focused on different uncertainties that can affect the evaluation 92 

of renewable energy alternatives [21]. Numerous studies have highlighted the fact that it is 93 

difficult to quantify the reel performance of renewable energy alternatives using a set of exact 94 

values since the judgments of experts, residents, and decision makers are generally uncertain. 95 

For example, Kaya and Kahraman [12] have selected the best renewable energy alternative for 96 

Istanbul (Turkey) taking into account the vagueness’s in decision makers’ judgments. Similar 97 

studies concerning the uncertainties that can affect the evaluation of renewable energy 98 

alternatives are available for Jordan [22], Indonesia [23], China [24], and Canada [25]. 99 

The multiple-criteria decision analysis is an operational evaluation that is very useful for 100 

addressing complex problems involving different alternatives, criteria, stakeholders and high 101 

uncertainty [26]. To overcome the uncertainties that can affect the evaluation of renewable 102 

energy alternatives, fuzzy numbers are commonly combined with multiple criteria decision-103 

making as a way to help linguistic variables be expressed appropriately [27].  104 

The originality of this paper comes from the application of a new fuzzy integrated Delphi- 105 

FAHP- FPROMETHEE methodology for the selection of the best renewable energy 106 

alternatives for electricity generation in a residential building. 107 

This paper is divided into 6 sections: the next section presents a literature review concerning 108 

the application of multi-criteria decision aid methods for the evaluation of renewable energy 109 

alternatives, section 3 develops the new fuzzy integrated Delphi- FAHP- FPROMETHEE 110 

method used in this paper, section 4 provides the results of the application of the proposed 111 

method on a case study, section 5 presents a discussion, while section 6 presents conclusions 112 

and directions for future research. 113 

 114 

 115 

 116 

 117 
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2 Literature review  118 

Table 1 presents the multi-criteria decision-making methods that were used for the evaluation 119 

of renewable energy alternatives for electricity generation highlighting, the objective of the 120 

evaluation, the method used, the scale of application, and the scientific journal in which the 121 

research was published. 122 

As indicated in table 1, Multi-Criteria Decision Analysis (MCDA) methods were widely 123 

applied for the evaluation of renewable energy alternatives for electricity generation. However, 124 

the application of MCDA methods is almost at a global, national, or regional scale [10-16, 28, 125 

30-36]. Actually, there are limited uses of MCDA methods for the evaluation of renewable 126 

energy alternatives for electricity generation at the scale of a single residential building [17, 37-127 

39]. The evaluation of renewable energy alternatives for electricity generation for a single 128 

residential building is a relatively new area of application for MCDA methods. Moreover, to 129 

the best knowledge of the authors, none of the current methods takes into account at the same 130 

times the following aspects: 131 

• The application of Delphi method with experts and decision makers as well as 132 

questionnaires with residents in order to identify the most relevant criteria as well as 133 

renewable energy alternatives on a participatory base. 134 

• The implementation of FAHP method in order to determinate criteria weights taking 135 

into account the uncertainties in the judgments of experts and decision-makers. 136 

•  The application of FPROMETHEE method in order to select the best renewable energy 137 

alternative taking into account different evaluation criteria as well as vagueness and 138 

approximations in the evaluations of the alternatives.   139 

This paper suggests a new fuzzy integrated Delphi- FAHP-FPROMETHEE decision aid 140 

method for the evaluation of renewable energy alternatives for electricity generation for a single 141 

residential building. Suganthi et al. [21] have provided a large literature review about the 142 
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applications of fuzzy multiple criteria decision-making for the selection of renewable energy 143 

systems. So far, the fuzzy integrated Delphi- FAHP-FPROMETHEE method has not been used 144 

for the evaluation of renewable energy alternatives for electricity generation for a single 145 

residential building. 146 

Table 1: Main scientific works available in the literature concerning MCDA applications in the 147 

evaluation of renewable energy alternatives for electricity generation 148 

Authors Objectives of the evaluation   MCDA methods  Scales of 
application 

Journals 

Maxim [10] To rank electricity generation 
alternatives focusing on their 
compatibility with the sustainable 
development of the industry. 

Weighted sum multi-
attribute utility method 

Global scale  Energy Policy 

Ahmed and 
Tahar [11] 

Selection of renewable energy 
sources for the sustainable 
development of electricity generation 
in  Malaysia 

AHP National scale Renewable 
Energy 

Palmas et al. 
[28] 

Find the best locations for new 
residential areas developments, which 
use micro-renewable technologies. 

GIS-AHP Regional scale  Energy, 
Sustainability and 
Society 

Önüt  et 
al.[29] 

To evaluate the most suitable energy 
resources for the manufacturing 
industry in Turkey. 

ANP National scale Energy 
Conversion and 
Management 

Kaya et al. 
[12] 

The selection of the best renewable 
energy alternative for Istanbul. 

Fuzzy VIKOR-AHP Regional scale Energy 

Štreimikienė  
et al. [13] 

The selection  of electricity 
generation technologies in Lithuania   

AHP -ARAS National scale Renewable 
Energy 

Al Garni el 
al. [14] 

The evaluation of renewable energy 
alternatives for electricity generation 
in Saudi Arabia 

AHP National scale Sustainable 
Energy 
Technologies and 
Assessments 

Diakoulaki 
and 
Karangelis 
[15] 

The evaluation of renewable energy 
alternatives for  power generation 
sector in Greece 

PROMETHEE National scale Renewable and 
Sustainable 
Energy Reviews 

Barragán et 
al. [16] 

The evaluation of renewable energy 
technologies  for electricity 
generation in the city of Cuenca, 
Ecuador 

PROMETHEE Regional scale Renewable 
Energies and 
Power Quality 
journal 

Talukdar et 
al.  [30] 

The evaluation  of photovoltaic  (PV) 
panel alternatives for Grid-tie PV 
electricity generation system in 
Dhaka, Bangladesh 

TOPSIS Regional scale International 
Journal of 
Innovative 
Research in 
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Electrical, 
Electronics, 
Instrumentation 
and Control 
Engineering 

Strantzali et 
al. [31]   

The evaluation of the best 
combination of a fuel with renewable 
energy alternatives for electricity 
generation in an isolated Greek 
island, Lesvos 

PROMETHEE Regional scale Renewable and 
Sustainable 
Energy Reviews 

Çelikbilek et 
al.[32]   

The evaluation of  renewable energy 
sources for power generation at a 
national level 

Grey systems 

ANP 

DEMATEL 

VIKOR 

National scale Energy 

Kausika et 
al. [33] 

The determination of the residential 
solar photovoltaic potential  of  the 
city of Apeldoorn in the Netherlands 

GIS-AHP Postal code area Energy Procedia 

Jung et al. 
[34] 

The identification of public 
perceptions of renewable energy 
systems for power generation in 
Helsinki, Finland. 

SMAA Regional scale Renewable 
Energy 

Rojas-Zerpa, 
and Yusta 
[35] 

The determination of the best 
electricity supply alternatives for 
rural areas 

AHP-VIKOR Regional scale Renewable and 
Sustainable 
Energy Reviews 

Yunna et 
al.[36] 

Social sustainability assessment of 
the best hydropower alternative  for 
remote areas   

PROMETHEE-
HFLTS-ANP 

Regional scale Sustainable Cities 
and Society 

Kontu et 
al.[17] 

The selection of the best heating 
systems for a new sustainable 
residential area. 

SMAA Single 
residential 
building 

Energy and 
Buildings 

Yuehong et 
al. [37] 

The design optimization of the 
renewable energy system sizes in 
low/zero energy buildings. 

Single objective 
optimization using 
Genetic Algorithm 

Multi-objectives 
optimization using 
NSGA-II 

Single  
residential 
building 

Energy and 
Buildings 

 

Catalina et 
al.[38] 

The selection of the best combination 
of renewable energy systems for 
residential buildings.   

ELECTRE III  Single  
residential 
building 

Renewable 
Energy 

Ren el 
al.[39] 

The evaluation of the optimal  
residential energy systems in Japan 

AHP-PROMETHEE Single 
residential 
building 

Energy Policy 
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MCDA: Multi-Criteria Decision Aid; AHP: Analytical Hierarchy Process; GIS: Geographic 149 
Information System; ANP: Analytic network process; VIKOR: VlseKriterijuska Optimizacija 150 
I Komoromisno Resenje; ARAS :Additive Ratio Assessment method; PROMETHEE: 151 
Preference Ranking Organization Method for Enrichment Evaluation; TOPSIS: Technique for 152 
Order of Preference by Similarity to Ideal Solution; DEMATEL: Decision Making Trial and 153 
Evaluation Laboratory; SMAA: Stochastic Multi-criteria Acceptability Analysis; NSGA-II 154 
:Non-dominated Sorting Genetic Algorithm; ELECTRE: Elimination and Choice Expressing 155 
the Reality; HFLTS:Hesitant Fuzzy Linguistic Term Set  156 

 157 
3 A fuzzy integrated Delphi- FAHP- FPROMETHEE methodology 158 

This section introduces Delphi, FAHP, FPROMETHEE methods, and the new fuzzy integrated 159 

Delphi-FAHP-FPROMETHEE approach proposed in this paper.  160 

3.1 Delphi  161 

The Delphi method is an organised and collaborating method, which depend on a group of 162 

anonymous experts [26]. Delphi is an appropriate method to reach a consensus of judgments 163 

concerning a problem not subject to an objective solution [40]. Through multiple rounds of data 164 

collections, the participants share opinions, expertise, and information until a consensus is 165 

obtained [41]. A comprehensive review of Delphi method applications has been presented by 166 

Keeney et al. [42]. The Delphi method used in this paper consists of different steps: first, a 167 

group of experts should be formed. Secondly, each expert is requested independently to express 168 

his evaluation criteria, considering the different sides of the problem such as economic, 169 

environmental, societal, etc.  Later, the separate lists are united into a comprehensive list, which 170 

is presented to all the experts. The participants are asked to examine this data and to review 171 

their original separate list. Finally, the process is stopped when the experts reach a consensus 172 

[40]. The Delphi method is also useful to define the renewable energy alternatives. 173 

3.2 FAHP 174 

The FAHP (Fuzzy Analytic Hierarchy Process) method represents the association between the 175 

AHP method and the fuzzy numbers. The AHP method was developed by Saaty [43]. According 176 
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to Macharis et al. [44], the AHP method is based on three main principles: (1) construction of 177 

a hierarchy with goals into different levels, (2) using a nine-point scale, pair-wise comparisons 178 

for each level with respect to the goal of the best alternative selection are conducted, and (3) 179 

logical consistency. This procedure is explained in detail in Saaty [43]. According to Kabir and 180 

Sumi [45], the application of the AHP method has different limitations as follow: (1) the AHP 181 

method is generally used to solve problems using crisp numbers, (2) the pair-wise comparison 182 

of the AHP method does not take into account uncertainties concerning the humans’ opinions, 183 

(3) the opinions of the decision makers have a significant impact on the AHP outcomes  since 184 

the AHP method uses the  complete aggregation approach. Numerous researchers have 185 

integrated fuzzy theory with AHP method in order to deal with issues of uncertainties [46]. The 186 

main point of the fuzzy set theory is that a membership function defines the membership degree 187 

of an element in a fuzzy set [47]. A fuzzy set contains elements that have different degrees of 188 

membership in it, the most frequently used range for indicating the degree of membership 189 

function is the unit interval (0, 1) [48]. Different types of fuzzy membership functions have 190 

been proposed in the literature, Van Laarhoven and Pedrycz [49] proposed triangular fuzzy 191 

numbers, Buckley el. [50] suggested trapezoidal fuzzy numbers, Chang [51] proposed the 192 

extent analysis method for handling FAHP using Triangular Fuzzy Numbers (TFN) for the 193 

pairwise comparison scale of FAHP.  In order to deal with uncertain judgments in a fuzzy 194 

environment, triangular fuzzy numbers are used in this paper due to the simplicity of their 195 

calculations.  As indicated in Taha and Rostam [48] a fuzzy number Ã on R is a triangular fuzzy 196 

number (l, m, u) if it is membership function x ∈ Ã,𝜇𝜇Ã (𝑥𝑥)  : R → [0, 1] is equal to as follows 197 

(see figure 1) :  198 

 
  𝜇𝜇Ã (𝑥𝑥) =  �

(𝑥𝑥 − 𝑙𝑙)/(𝑚𝑚− 𝑙𝑙)     𝑙𝑙 ≤   x ≤  m                               
(𝑢𝑢 − 𝑥𝑥)/(𝑢𝑢 −𝑚𝑚)     𝑚𝑚 ≤   x ≤  u                              
      0                                  𝑜𝑜𝑜𝑜ℎ𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒                               

    (1) 
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Where, the parameters l, m and u respectively express the smallest values, the most possible 199 

value, and the largest possible value.  200 

 201 

Figure 1: The membership function of the triangular fuzzy number [52] 202 

 203 

The different steps of the fuzzy-AHP process used in this paper are explained below as indicated 204 

in Gupta et al [53] and Seddiki et al. [52]:  205 

Step 1 Pairwise comparisons of the criteria: First, each expert has to perform a pairwise 206 

comparison of the criteria taking into consideration the global objective (in this paper the global 207 

objective is the selection of the best renewable energy alternative for electricity generation in a 208 

residential building). These comparisons allow evaluating the criteria weights using a fuzzy 209 

linguistic (qualitative) scale (see figure 2). The vagueness in the expert judgments are taken 210 

into account through the linguistic scale. This information is converted to fuzzy triangular 211 

numbers (l, m, u) as indicated in table 2. 212 



12 
 

 213 

Figure 2: Linguistic scale of the criteria weight [54] 214 

Table 2 : Triangular fuzzy conversion scale [53] 215 

Linguistic scale Triangular 
fuzzy scale 

Reciprocal 
linguistic scale 

Triangular fuzzy 
reciprocal scale 

Just equal ( JE) 
 

(1, 1, 1) 
 

Just equal ( JE) 
 

(1, 1, 1) 
 

Equally more 
important (EMI) 

(0.5, 1, 1.5) Equally less 
important (ELI) 

(0.667, 1, 2) 

Weakly more 
important (WMI) 

(1, 1.5, 2) Weakly less 
important (WLI) 

(0.5, 0.667, 1) 

Strongly more 
important (SMI) 

(1.5, 2, 2.5) Strongly less 
important (SLI) 

(0.4, 0.667, 1) 

Very strongly 
more important 
(VSMI) 

(2, 2.5, 3) Very strongly less 
important 
(VSLI) 

(0.333, 0.4, 0.5) 

Absolutely more 
important (AMI) 

(2.5, 3, 3.5) Absolutely less 
important(ALI) 

(0.286, 0.33, 0.4) 

 216 

The pairwise comparison matrix for each expert is obtained as shown in equation (2). 217 

 

�̃�𝐴𝑑𝑑 = (𝑎𝑎�𝑖𝑖𝑖𝑖)𝑛𝑛×𝑛𝑛
𝑑𝑑   �

𝐴𝐴1
𝐴𝐴2
⋮
𝐴𝐴3

�

(1,1,1) (𝑙𝑙12,𝑚𝑚12,𝑢𝑢12) ⋯ (𝑙𝑙1𝑛𝑛,𝑚𝑚1𝑛𝑛, 𝑢𝑢1𝑛𝑛)
(𝑙𝑙21,𝑚𝑚21,𝑢𝑢21) (1,1,1) ⋯ (𝑙𝑙2𝑛𝑛,𝑚𝑚2𝑛𝑛,𝑢𝑢2𝑛𝑛)

⋮ ⋮ ⋮ ⋮
(𝑙𝑙𝑛𝑛1,𝑚𝑚𝑛𝑛1, 𝑢𝑢𝑛𝑛1) (𝑙𝑙𝑛𝑛2,𝑚𝑚𝑛𝑛2,𝑢𝑢𝑛𝑛2) ⋯ (1,1,1)

� 

  

(2) 

Where 𝑎𝑎�𝑖𝑖𝑖𝑖is the relative importance of ith criterion over jth criterion as assigned by dth expert. 218 

Where d = 1, 2, , ,D and “D” is the number of total the experts. 219 

0

0.2

0.4

0.6

0.8

1

0.286 0.333 0.4 0.5 0.667 1 1.5 2 2.5 3 3.5

Very strongly less important Strongly less important

Weakly less important Equally less important

Equally more important Weakly more important

Strongly more important Very strongly more important

Absolutely more important
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Step 2 Obtaining the weighted comparison matrices: The weighted comparison matrix for all 220 

experts is defined as per the following equations:  221 

 

 (𝑏𝑏�𝑖𝑖𝑖𝑖)𝑛𝑛×𝑛𝑛 = �𝑙𝑙𝑖𝑖𝑖𝑖 ,𝑚𝑚,𝑢𝑢𝑖𝑖𝑖𝑖� = �𝑒𝑒𝑑𝑑 × (𝑎𝑎�𝑖𝑖𝑖𝑖)𝑛𝑛×𝑛𝑛
𝑑𝑑  𝑓𝑓𝑜𝑜𝑒𝑒 𝑒𝑒 ≤ 𝑗𝑗

𝑑𝑑=𝐷𝐷

𝑑𝑑=1

                              
  

(3) 

 222 
For i ≤ j and wd = individual weight of the dth expert  and:  223 

 

 
(𝑏𝑏�𝑖𝑖𝑖𝑖)𝑛𝑛×𝑛𝑛 = (𝑏𝑏�𝑖𝑖𝑖𝑖)𝑛𝑛×𝑛𝑛

−1 = �
1
𝑢𝑢𝑖𝑖𝑖𝑖

,
1
𝑚𝑚𝑖𝑖𝑖𝑖

,
1
𝑙𝑙𝑖𝑖𝑖𝑖
�   𝑓𝑓𝑜𝑜𝑒𝑒 𝑒𝑒 > 𝑗𝑗                

  

(4) 

 224 

 Step 3 Find the sum of each row of the fuzzy comparison matrix by fuzzy arithmetic operations 225 

as shown in equation 5: 226 

 

 �̃�𝑆𝑟𝑟𝑖𝑖 = �𝑏𝑏�𝑖𝑖𝑖𝑖

𝑖𝑖=𝑛𝑛

𝑖𝑖=1

= ��𝑙𝑙𝑖𝑖𝑖𝑖

𝑖𝑖=𝑛𝑛

𝑖𝑖=1

,�𝑚𝑚�𝑖𝑖𝑖𝑖

𝑖𝑖=𝑛𝑛

𝑖𝑖=1

,�𝑢𝑢�𝑖𝑖𝑖𝑖

𝑖𝑖=𝑛𝑛

𝑖𝑖=1

� 
  

(5) 

 227 

Where S�ri is the sum of ith row. 228 

Step 4 Find the sum of all the rows as per the following equation:  229 

 

 
�̃�𝑆𝑡𝑡 = ��̃�𝑆𝑟𝑟𝑖𝑖

𝑖𝑖=𝑛𝑛

𝑖𝑖=1

 
  

(6) 

Step 5 Divide the sum of each row by the sum total of all the rows as per the following equation: 230 

 

 
�̃�𝑆𝑡𝑡 = �̃�𝑆𝑟𝑟𝑖𝑖 × ��̃�𝑆𝑡𝑡�

−1  (7) 

To obtain the estimates for the vectors of weights under each criterion, it is required to determine the 231 

degree of possibility of greatest or least fuzzy number among the several fuzzy synthetic extents. 232 

Step 6 Compute the degree of possibility of �̃�𝑆𝑖𝑖 ≥ �̃�𝑆𝑖𝑖j by the following equation: 233 

 

𝑉𝑉(�̃�𝑆𝑖𝑖 ≥ �̃�𝑆𝑖𝑖) =  �

1                                   
𝑢𝑢𝑖𝑖 − 𝑙𝑙𝑖𝑖

(𝑢𝑢𝑖𝑖 − 𝑚𝑚𝑖𝑖) + �𝑚𝑚𝑖𝑖 − 𝑙𝑙𝑖𝑖�
   

         0                                             

 

 

  𝑒𝑒𝑓𝑓 𝑚𝑚𝑖𝑖 ≥ 𝑚𝑚𝑖𝑖    

𝑒𝑒𝑓𝑓 𝑙𝑙𝑖𝑖 ≤ 𝑢𝑢𝑖𝑖  𝑒𝑒, 𝑗𝑗 = 1, … ,𝑛𝑛;   𝑗𝑗 ≠ 𝑒𝑒 

  𝑜𝑜𝑜𝑜ℎ𝑒𝑒𝑒𝑒𝑒𝑒 

  

(8) 
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Step 7 Computing degree of possibility: The degree of possibility of �̃�𝑆𝑖𝑖  over all other (n - 1) fuzzy 234 

numbers is calculated through equation 9: 235 

 

 

 

𝑉𝑉��̃�𝑒𝑖𝑖 ≥ �̃�𝑒𝑖𝑖�𝑗𝑗, … .𝑛𝑛; 𝑗𝑗 ≠ 𝑒𝑒�  = min𝑉𝑉( �̃�𝑒𝑖𝑖 ≥ �̃�𝑒𝑖𝑖),    𝑒𝑒 = 1, … ,𝑛𝑛 

If 𝑑𝑑′(𝐴𝐴𝑖𝑖, ) = min𝑉𝑉( �̃�𝑒𝑖𝑖 ≥ �̃�𝑒𝑖𝑖) 

  

(9) 

Then for j=1,…,n; j ≠ i , the weight vector is given by equation 10  : 236 

 237 

 

 

𝑊𝑊′ = (𝑑𝑑′(𝐴𝐴1, ), (𝑑𝑑′(𝐴𝐴2, ), … , (𝑑𝑑′(𝐴𝐴𝑛𝑛, ))𝑇𝑇  (10) 

Normalizing the weight vector, we get the weights of the criteria as indicated in equation 11: 238 

 

 

𝑊𝑊 = (𝑑𝑑(𝐴𝐴1, ), (𝑑𝑑(𝐴𝐴2, ), … , (𝑑𝑑(𝐴𝐴𝑛𝑛, ))𝑇𝑇  (11) 

Where W and W’ are non-fuzzy numbers and are the weights of the criteria. 239 

3.3 FPROMETHEE 240 

The FPROMETHEE (Fuzzy Preference Ranking Organization METHod for Enrichment 241 

Evaluation) method is an association of fuzzy set theory with the PROMETHEE method [55]. 242 

The PROMETHEE method is a relatively simple outranking method to deal with MCDM 243 

problems. This method was developed first by Brans [56] in the form of partial ranking of 244 

alternatives (PROMETHEE I). Later different extensions of PROMETHEE methods were 245 

developed, the complete ranking PROMETHEE II, the GAIA analysis (Graphical Analysis for 246 

Interactive Aid) [57], PROMETHEE V (Optimization under constraints) [58], and the group 247 

decision support system PROMETHEE GDSS [59]. PROMETHEE methods have been 248 

successfully implemented to solve multi-criteria and multi- decision maker problems in various 249 

areas [60].  250 

PROMETHEE method is based on the pairwise comparisons of the actions, it evaluates under 251 

specific conditions if one of two actions clearly outrank the other or not. An evaluation table 252 

that indicates the assessments of each action in terms of each criterion is essential as the first 253 

base to implement PROMETHEE method. 254 
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PROMETHEE methods present the advantage to using the partial aggregation. Consequently, 255 

the judgments of the decision makers have a partial impact on PROMETHEE results. In fact, 256 

very bad scores on some criteria cannot be compensated with good scores in other criteria [40]. 257 

Nevertheless, PROMETHEE methods do not offer the possibility to take into account the 258 

fuzziness concerning the evaluation of the alternatives. In addition, PROMETHEE methods do 259 

not describe how to determinate the weights of the criteria in a fuzzy environment [52]. 260 

The association of PROMETHEE method with fuzzy set theory offer the possibility to take into 261 

consideration the fuzziness concerning the evaluation of alternatives regarding different 262 

criteria. FPROMETHEE has been used to solve different MCDM problems [55, 61-67]. 263 

The Fuzzy-PROMETHEE method as indicated by Gupta et al [53] was implemented in this 264 

paper because of the fuzzy nature of the decision problem.  In order to deal with the 265 

uncertainties concerning the assessments of alternatives, the method proposed by Gupta et al 266 

[53] suggests that the experts should convert the results of the evaluation table that indicates 267 

the assessments of each alternative for each criterion from crisp numbers into a fuzzy linguistic 268 

scale.  269 

According to PROMETHEE theory, weights, and preference functions have to be defined in 270 

order to apply PROMETHEE methods. Weights represent the relative importance of the criteria 271 

for decision makers. In order to deal with uncertain judgments while defining the criteria 272 

weights, FAHP is used in this paper as PROMETHEE methods do not describe how to 273 

determinate the weights of the criteria in a fuzzy environment.  274 

Preference functions 𝑃𝑃𝑖𝑖 (𝑎𝑎, 𝑏𝑏) converts the deviation between the assessments of two actions (a 275 

and b) on a specific criterion (gj) into a preference degree ranging from 0 to 1. The preference 276 

function type IV (Level criterion) is used in this research, as it is the most appropriate preference 277 
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function for fuzzy environments [68]. The different steps of PROMETHEE can be outlined as 278 

indicated by Macharis et al. [59]:  279 

Step 1: Using weights and preference functions, a multi-criteria preference index is defined as 280 

in equation (12). 281 

 
   𝜋𝜋(𝑎𝑎, 𝑏𝑏) = �𝑒𝑒𝑖𝑖

𝑘𝑘

𝑖𝑖=1

× 𝑃𝑃𝑖𝑖  (𝑎𝑎, 𝑏𝑏)     (12) 

Where π (a, b), expresses the preference degree of “a” over “b” regarding all the criteria, it 282 

varies from 0 to 1. 283 

Where wj , is the normalized weight assigned to criterion j  284 

Step 2: The leaving flow Phi+ (Ø+), the entering flow Phi- (Ø-) and the net flow Phi (Ø) are calculated 285 

as indicated respectively in equation 13, 14, and 15. The leaving flow Phi+ (Ø+), the entering flow Phi- 286 

(Ø-) provide the partial ranking PROMETHEE I while the net flow Phi (Ø) provides the complete 287 

ranking PROMETHEE II. 288 

   ∅+(a) =
1

n − 1
 �π
b≠a

(a, b)   (13) 

 289 

   ∅−(a) =
1

n − 1
 �π
b≠a

(a, b)   (14) 

 290 

   ∅(a) = ∅+(a) − ∅−(a)  (15) 

Step 3: The global net flow, which provides the PROMETHEE GDSS ranking of the actions 291 

taking into account the group decision preferences is calculated as shown in equation 16: 292 

 
∅𝑔𝑔(𝑎𝑎) = �𝑒𝑒𝑠𝑠  

𝑠𝑠

𝑠𝑠=1

∅𝑠𝑠(𝑎𝑎) (16) 

 293 
 294 
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3.4 New fuzzy integrated Delphi- FAHP- FPROMETHEE proposed in this paper 295 

As indicated on figure 3, the new fuzzy integrated Delphi- FAHP- FPROMETHEE approach 296 

proposed in this paper consists of different sequential steps: 297 

Figure 3: The proposed fuzzy integrated Delphi- FAHP- FPROMETHEE method 298 

 299 

 300 
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First, a group of decision-makers and experts in renewable energy alternatives is formed (step 301 

1). In step 2, the examination of the building is performed as suggested by Rezaie et al. [69] in 302 

putting in evidence the location, the internal organization (plans, sections), the area of the 303 

building, the electricity consumption, and the technical equipment’s. Later, the local renewable 304 

energy resources availability should be investigated as indicated by Rodrigues et al. [70] 305 

(step3). The aim of step 3 is only to determine the availability of renewable energy resources 306 

in the site location which is the most important criteria. At this specific step, the key question 307 

the group decision should consider is how good is the renewable energy (solar, wind, and 308 

biomass, etc.) resource on the site location? Further considerations concerning the energy 309 

alternatives and evaluation criteria (for e.g. environmental impacts, the amount of physical 310 

space required for equipment, site access, inconvenience of the system, grid Interconnection 311 

etc.) should be considered in the subsequent steps. For, instance for an economically feasible 312 

performance of a wind turbine system, a minimum wind speed should be available on site. Then 313 

after, based on the information gathered in step 2 and step 3, the group decision defines through 314 

Delphi method a set of renewable energy alternatives for electricity generation (step 4), as well 315 

as a set of preliminary evaluation criteria (step5). In step 6, the preliminary set of criteria is 316 

adjusted based on the preferences of the residents obtained through questionnaires as indicated 317 

by Kontu et al. [17]. Later, each renewable energy alternative is evaluated in terms of all the 318 

selected criteria (evaluation table is obtained). In order to deal with the uncertainties concerning 319 

the assessments of the alternative, the experts should convert the results of the evaluation table 320 

from crisp numbers  into a fuzzy linguistic scale as indicated in Gupta et al. [53] ( step 7). In 321 

step 8, the FAHP method is used to obtain the weights of the criteria taking into consideration 322 

the uncertainties in the experts’ judgments. Afterwards, the alternatives are ranked taking into 323 

account the uncertainties related to the alternatives’ evaluations through individual ranking with 324 

FPROMETHEE II, and global ranking with FPROMETHEE GDSS (step 9, and step 10). Here, 325 
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the PROMETHEE decision making software Visual PROMETHEE [71] is used.  At that point, 326 

if all the decision makers agree with the results of the global ranking, the process finishes here 327 

with recommendations. However, if for some reasons the decision makers disagree with the 328 

results it is necessary to solve the conflicts. Macharis et al. [59] have recommended performing 329 

a sensitivity analysis in order to deal with conflicts (step 11). First, the weight distributions of 330 

the decision makers should be investigated. If the conflict persists, individual weight 331 

distributions for each decision maker should be investigated. Special features of the software 332 

Visual PROMETHEE as “walking weights” and “stability intervals” help to perform sensitivity 333 

analyses. If there is still no agreement, the alternatives that create the conflict should be 334 

examined. If the group still cannot reach a consensus, the criteria that create the conflict should 335 

be revised. If the conflict continues after all the previous actions, the group decision should be 336 

reconstituted. Furthermore, sensitivity analysis is important in order to investigate how 337 

changing the weights of the criteria affects the ranking of renewable alternatives. 338 

4 Application of the proposed methodology 339 

In this section, a case study is presented. The aim of the case study is to investigate and 340 

understand how the proposed methodology in this paper actually works in the real world. The 341 

use of a single building as a case study has been commonly considered in the literature of multi-342 

criteria decision analysis as a valid approach in order to test new methodologies. A number of 343 

studies have used a single building as a case study in order to evaluate the application of multi-344 

criteria decision methods for the selection of the best renewable energy alternatives [17, 38, 39, 345 

72, 73]. Likewise, other studies have used a single building as a case study in order to evaluate 346 

the application of multi-criteria decision methods for similar purposes, such as the selection of 347 

thermal renovation alternatives [74, 75, 76, 77, 78], the selection of retrofit measures for 348 

heritage buildings [79,40], the selection of sustainable materials for building projects [80], the 349 
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selection of construction method in concrete buildings [81], the selection of façade’s 350 

alternatives of buildings [82], and the selection of construction equipment [83]. 351 

The case study does not aim to generalize the best renewable energy alternatives for electricity 352 

generation for a specific type of residential building or a specific region. Moreover, the 353 

proposed methodology in this paper considers each project of selection of renewable energy 354 

alternatives for electricity generation in a single residential building as a unique project, with 355 

its own environment, stockholders, and particularity. The case study was not selected because 356 

it is representative of other cases but because the residents, as well as all the stockholders 357 

involved in the decision process, were hospitable to the inquiry, which was essential for the 358 

application of the proposed method. The research team could easily access the case study and 359 

work cooperatively with the participants. Stakeholders involved in the group decision included 360 

decision-makers and experts in renewable energy alternatives (step1).  361 

The selected case study was a residential building (see figure 4) located in Oran, Algeria with 362 

the latitude 35.711363 and longitude −0.567419. It is an apartment building constructed by a 363 

private developer in 2015 and owned by separate owners. An examination on the building was 364 

performed (step2). The building has a rectangular plan of about 400 m2 and is orientated south-365 

north. Both of the flat roof and the basement include the entire surface of the building and are 366 

able to accommodate potential equipment. The ground floor is used for commercial purposes. 367 

The building contains 9 floors and 27 apartments in one stairway. The average amount of 368 

inhabitants is 90. The apartments are distributed three per each floor. The living area in the 369 

whole building is almost 2295 m2. In all the flats, natural gas is used to heat the spaces and 370 

provide hot water, hence electricity is used to provide lightings, usage of appliances, and for 371 

the air-conditioning systems to generate cool air during hot summers. The building does not 372 

have any mechanic ventilation and is ventilated naturally. The building is supplied from the 373 

public electricity grid.   374 
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 375 

Figure 4: The residential building selected as a case study 376 

The annual electricity use of the case study investigated in this paper was determined from 377 

annual electricity bills provided by the electricity company. The electricity consumption in the 378 

whole building is 109, 512 kWh for the entire year, and therefore, the average daily 379 

consumption is 300 kWh and Peak load is 75 kW. The electricity consumption for the case 380 

study is indicated in figure 5. Note that electricity consumption in June, July, August, and 381 

September is higher than the rest of the year due to the need to generate fresh air during hot 382 

seasons. 383 
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 384 

Figure 5: Electricity consumption for the case study 385 

Then, the availability of local renewable energy resources that can be used for electricity 386 

generation for the case study were investigated as indicated in step3. Solar, wind, and biomass 387 

energy are detailed next. Hydropower and geothermal energy were not investigated, as they are 388 

not available on the site location of the residential building investigated (Oran) as indicated in 389 

Stambouli [84].   390 

• Solar energy: The availability of solar energy on the ground surface that can be 391 

transformed into electricity is essential for an economically feasible performance of 392 

solar energy systems [70]. The daily solar radiation profile of the site under study 393 

was obtained from NASA Surface Meteorology and Solar Energy database [85]. As 394 

indicated on figure 6, the variation of the solar radiation was found to range from a 395 

minimum of 3,151 kWh/m2/day in the month of December to a maximum of 8,245 396 

kWh/m2/day in the month of June with an annual average solar radiation of 5.2 397 

kWh/m2/day. According to the quantity of solar radiation on the case study 398 

location, it is feasible to consider  solar energy as a potential energy source for 399 

electricity  generation for a residential building [84].  400 
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 401 

            Figure 6: Monthly average of horizontal solar irradiation (kWh/m2) 402 

• Wind energy: The potential of wind energy for electricity generation varies according 403 

to the availability of the wind resource which depends on the location. Investigating the 404 

site- characteristic of wind is an important phase in designing a wind energy alternative 405 

[86].  The wind speed variation was taken from NASA Surface Meteorology and Solar 406 

Energy database [85]. Figure 7 gives the wind speed profile at the selected site location. 407 

At a hub height of 50 m, the wind speed varied from a minimum of 1.2 m/s in the month 408 

of October to a maximum of 3.7 m/s in the month of March with an annual average of 409 

2.008 m/s. According to Himri et al.[87], wind energy can be feasible where the average 410 

wind speed is higher than 5–6 m/s. Since the annual average wind speed is about 2.008 411 

m/s , it is not feasible to consider wind energy as a potential energy source for electricity 412 

generation for a residential building.  413 
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 415 

Figure 7: Monthly average wind speed (m/s) 416 

• Biomass: According to Alfonso et al. [88], the availability of biomass raw materials 417 

should be considered as the main criterion for energy production. In the case study 418 

location (Oran, Algeria), the biomass eventually offers great possibilities for electricity 419 

generation in residential buildings with the main source of biomass coming from forest, 420 

agricultural and urban wastes [84]. However, biomass materials used to get the energy 421 

are not mature and are not being promoted for commercialisation. Hence the market of 422 

the wood in all of its forms in Oran and more generally in Algeria is underdeveloped 423 

and thus makes the use of wood resource for energy production an unattractive 424 

investment opportunity. Additionally, the agriculture and energy sectors are completely 425 

unrelated which makes the use of agricultural wastes for energy production very 426 

complicated [84]. According to Stambouli et al. [86], municipal solid waste (MSW) 427 

seems to be an efficient way to produce electricity for residential buildings as the 428 

quantity of MSW per Algerian is about 1 kg/day, and this number is expected to grow 429 

rapidly. The electricity generation from biomass can be possible through 430 

thermochemical (combustion, gasification, and pyrolysis) and biological conversion 431 
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processes [89,90]. Consequently, since the case study presented in this paper is located 432 

in an urban area (Oran), the MSW as a source of biomass for electricity generation is 433 

considered as a potential alternative. Initial research has been conducted in the field of 434 

utilising biomass energy resource from municipal waste in Algeria [91].  435 

Later,  according to the investigation results of the  availability of local renewable 436 

energy resources that can be used for electricity generation for the case study, the group 437 

decision has defined through Delphi method set of renewable energy alternatives for 438 

electricity generation (step 4). The alternatives considered in this paper are: 439 

• Fixed roof mount photovoltaic (PV) system: The PV panel does not follow the sun's 440 

movement and is fixed at the tilt and azimuth angles. The system consists of different 441 

components: field of collectors with 222 photovoltaic solar panels with a total capacity 442 

of 74.416 kW dc, the total module area is about 362 m2. In order to convert the PV 443 

modules DC output to AC compatible with the building’s loads, 20 inverters with a total 444 

capacity of 76.000 kW ac are used (the DC to AC ratio is 0.98). The system is connected 445 

to the grid, to enable the power exchange between the grid and the system in case of 446 

surplus or deficiency.   447 

• 1 Axis tracking photovoltaic system: The PV panel has one axis fixed by the value of 448 

tilt and the other axis rotates about the tilted axis from east to west tracking the daily 449 

sun’s movement. The composition of the system is similar to the fixed roof mount 450 

photovoltaic (PV) system. 451 

• 2 Axis tracking photovoltaic system: The PV panel rotates from east to west tracking 452 

the daily sun’s movement and from north to south to track the sun's seasonal movement 453 

throughout the year. The composition of the system is similar to the fixed roof mount 454 

photovoltaic (PV) system and the 1 Axis tracking photovoltaic system.  455 
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• Biomass through direct Combustion Process of Municipal Solid Waste (M.S.W):This 456 

system uses a 75 kW direct combustion generator (DCG) and consumes almost 500 kg 457 

of biomass (M.S.W) per day.  In this process, a storage tank is used to store biomass 458 

wastes, and a direct combustion boiler is used for combustion. The steam obtained from 459 

the combustion is used to produce electricity using a steam turbine and a generator [92]. 460 

The system is connected to the grid, to enable the power exchange between the grid and 461 

the system in case of surplus or deficiency.  462 

• Hybrid biomass and photovoltaic system: The hybrid energy system consists of 30 kW 463 

direct combustion generator power system which consumes almost 200 kg of biomass 464 

(M.S.W) per day and 132 photovoltaic solar panels with a total capacity of 44.247 kW 465 

dc. In order to convert the PV modules DC output to AC compatible with the buildings 466 

loads, 12 inverters with a total capacity of 45.600 kW ac are used (the DC to AC ratio 467 

is 0.97). The proposed hybrid system is designed to provide approximately 40 % of 468 

energy from the biomass, and 60% from PV. The system is connected to the grid, to 469 

enable the power exchange between the grid and the system in case of surplus or 470 

deficiency.  Figure 8 shows the schematic diagram of hybrid biomass and photovoltaic 471 

system connections 472 

 473 

Figure 8: Hybrid biomass and photovoltaic system connection 474 
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Then, as indicated in table 3, a set of preliminary evaluation criteria was defined (step5).  475 

Table 3: Preliminary set of evaluation criteria defined by the group decision  476 

 Criteria Description 
Economic Investment cost Investment cost include equipment and 

installation costs 
Internal rate of return Used to evaluate the desirability of 

investments or projects 
Operational costs Operational costs include monitoring, 

maintenance, and repair. 
Net present Value (NPV) Is a measure of a project's economic feasibility 

that includes both savings and cost 
Payback period  Payback period represents the threshold where 

savings have exceeded costs 
Energetic Energy production 

(kWh/year) 
Total quantity of electricity generated by the 
system in Year 

Environmental CO2 reduction (kg/year) 
 

The potential of renewable 
resources alternatives to reduce CO2 emissions 

Life-cycle environmental 
impacts 

Environmental impacts related with all the 
phases of a renewable energy alternatives life’s 
 

Technology 
 

Availability The availability of energy sources that supply 
the system 

Efficiency Discusses the quantity of energy that can be 
obtained from an energy source 

Reliability The ability of a system to produce energy as 
planned 

Social Social acceptability The preferences of the residents concerning the 
renewable energy alternatives  

Inconvenience of the 
system  

Inconvenience caused to the residents by the 
renewable energy alternatives  

Usability Ease of use Indicate how easy the renewable energy 
alternatives are to use for the residents 

 Disponibility Refers to the disponibility of renewable energy 
technologies on the market  

 477 

Then after, a questionnaire was conducted with the residents of the case study presented in this 478 

research. The main objective of the questionnaire was to determinate the criteria preferences of 479 

the inhabitants of the single residential building investigated in this paper. The survey was 480 

divided into two parts, as indicated in table 4. The first part aims to obtain basic information of 481 

the respondents. The second part details 15 different possible criteria for the evaluation of the 482 

selected renewable energy alternatives. The respondents were asked to evaluate each single 483 
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criteria using a five-point scale, where 1 meant that the criterion was not important while 5 484 

meant that the criterion was very important. As the respondents were the residents of the 485 

building investigated in this paper, their number was limited to the total amount of the 486 

apartments in the building, which was 27 (with one respondent per apartment). Altogether 27 487 

inhabitants of the residential building, representing different demographic groups, answered the 488 

questionnaire. The 27 residents did not have any knowledge and understanding of renewable 489 

energy. The number of respondents in this case study was sufficient for the analysis of the five-490 

point scale data. The statistical analysis was performed by calculating the average score of each 491 

criteria as indicated in Kontu et al. [17]. The results show that the respondents valuate economic 492 

criteria such as investment cost (average score 4.5, answering scale from 1 to 5 as seen in table 493 

4) and payback period (4.2) as well as energetic criteria such as energy production (4.2). 494 

Respondents considered the CO2 reduction (4.1) more important than life-cycle environmental 495 

impacts (3.0). Respondents also valuate usability criteria such as ease of use (4.3) and 496 

disponibility (4.2).  Technology criteria such as availability (2.1), efficiency (2.2), reliability 497 

(2.3) and social criteria such as social acceptability (2.0) and inconvenience of the system (2.4) 498 

were considered as the least important criteria for the respondents. The number of the 499 

respondents was limited and do not represent an impartial sample of the population. 500 

Nevertheless, the respondents represent the residents of the building investigated in this paper. 501 

Consequently, it is necessary to take into account their preferences in order to select the best 502 

renewable energy alternative for electricity generation. One should notice that the results of the 503 

survey are specific to this case study and different results could be obtained if the same survey 504 

is repeated in another building or area. Hence, the average scores of criteria might be completely 505 

different from one building to another according to residents’ preferences. For instance, 506 

residents of one specific building could valuate economic criteria while residents of another 507 

building could valuate technology criteria. 508 
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Table 4: The questionnaire conducted with the residents 509 

Question topic Question Answer 
Information of the 
answerer 

Gender 
Age  
Profession 

F/M 
Open 
Open 

Criteria  Investment cost, Internal rate of return,  
Operational costs, Net present Value 
(NPV) Payback period, Energy 
production (kWh/year), CO2 reduction 
(kg/year), Life-cycle environmental 
impacts, Availability, Efficiency, 
Reliability, Social acceptability, 
Inconvenience of the system, Ease of 
use , Easy to acquire    

(1 = not important, 5 = very 
important) 

 510 

Table 5 shows the evaluations in crisp numbers of all the alternatives in term of the selected 511 

criteria. The calculations procedures of the evaluations are presented below:  512 

The energy production, CO2 reduction (kg/year), and the economic analysis of the different 513 

systems have been achieved with the software HOMER [93]. HOMER is a computer model 514 

that facilitates the evaluation of design options for both off-grid and-grid connected power 515 

systems taking into account the variation in technology costs and energy resource availability 516 

[94].  517 

• Investment cost: The investment cost of a component is the total installed cost of that 518 

component at the beginning of the project which includes the following costs: renewable 519 

energy system, mounting hardware, tracking system types for PV panels, wiring, and 520 

installation. For instance, the investment cost of a fixed roof mount PV system is 521 

specified under Homer software at $2,930/kW. 522 

• Payback period: The payback period was calculated using HOMER software by 523 

comparing one system to another. The payback is the number of years it takes for the 524 

cumulative income to equal the value of the initial investment. 525 
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• Energy production: The energy performance represents the total amount of electrical 526 

energy produced annually by the renewable components of the power system. For 527 

instance, Homer pro uses the following equation to calculate the output of the PV array: 528 

 
𝑃𝑃𝑃𝑃𝑃𝑃  =  𝑌𝑌𝑃𝑃𝑃𝑃 𝑓𝑓𝑃𝑃𝑃𝑃 �

𝐺𝐺𝑇𝑇����

𝐺𝐺𝑇𝑇,𝑆𝑆𝑇𝑇𝑆𝑆�������� � �1 +  𝛼𝛼𝑃𝑃 �𝑇𝑇𝑆𝑆  − 𝑇𝑇𝑆𝑆,𝑆𝑆𝑇𝑇𝑆𝑆��  (17) 

Where:  529 

YPV = the rated capacity of the PV array, meaning its power output under standard test 530 

conditions [kW] 531 

fPV = the PV derating factor [%] 532 

𝐺𝐺𝑇𝑇���� = the solar radiation incident on the PV array in the current time step [kW/m2] 533 

𝐺𝐺𝑇𝑇,𝑆𝑆𝑇𝑇𝑆𝑆�������� = the incident radiation at standard test conditions [1 kW/m2]αP = the 534 

temperature coefficient of power [%/°C] 535 

Tc = the PV cell temperature in the current time step [°C] 536 

Tc,STC = the PV cell temperature under standard test conditions [25°C] 537 

• CO2 reduction: CO2 reduction was calculated by using the following equation:  538 

  CO2 reduction = CO2 emissions of the non-renewable power system 

as the base case – CO2 emissions of the renewable power system 
(18) 

Where:  539 

CO2 emissions of the non-renewable power system as the base case were calculated by 540 

converting the annual electricity consumption (kWh/year) to CO2 emissions (kg/year). 541 

The conversion factor is 0.547 kg CO2 released for each kWh produced from natural 542 

gas resources. The factor is based on the carbon emissions generated by the current 543 

Algerian power stations per kWh generated [95]. CO2 emissions of each different 544 

renewable power system were evaluated using Homer software. 545 
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• Usability: The usability was directly expressed on a qualitative scale. It was evaluated 546 

by means of expert judgments during open discussions taking into account how easy the 547 

renewable energy alternatives are to use for the residents as well as the disponibility of 548 

renewable energy technologies on the market. 549 

Subsequently, as it is indicated in table 6, the experts have converted the results of table 5 from 550 

crisp numbers into a fuzzy linguistic scale (step7). 551 

Table 5: Evaluations in crisp numbers of all the alternatives in term of the selected criteria 552 

Renewable 
resource  

Availability of 
renewable resources 
on the location of the 
case study  

Energy 
Technology  

Item  Investment 
cost 
Us dollar 

Payback 
period 
Years 

Energy 
production 
(kWh/year) 

CO2 
reduction 
(kg/year) 

Usability 

Solar  Available Fixed roof mount 
photovoltaic 

system 

222 solar 
panels × 335W 

218,168 13 110,261 51,066.50 Very 
good 

1 Axis tracking 
photovoltaic 

system 

222 solar 
panels × 335W  

263,983.28 11 133,604 63,020.75 Very 
good 

2 Axis tracking 
photovoltaic 

system 

222 solar 
panels × 335W 

270,528.32 10.5 142,252 67,100.00 Very 
good 

Wind  
 

Not available on the 
case study location 

- - - - - -  

Biomass Available Biomass through 
direct combustion 

process of 
Municipal Solid 
Waste (M.S.W) 

75 kW 
direct 

combustion 
generator 

power system 

187,669.00 11 109,444 51,382.15 Very bad 

Biomass and 
Solar 

Available Hybrid biomass 
through direct 
combustion of 

M.S.W and 
photovoltaic 

system 

30 kW direct 
combustion 
generator 

power system 
+ 

132 solar 
panels × 335W 

 

204,867 12 109,993 51,855.47 Medium 

Geothermal Not available on the 
case study location 

- - - - - -  

Hydro Not available on the 
case study location 

- - - - - -  

 553 

Table 6: Evaluations in fuzzy linguistic scale of all the alternatives in term of the selected 554 

criteria 555 

Energy Technology  Item  Investment cost 
 

Payback 
period 

Energy 
production 

CO2 reduction 
 

Usability 
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Fixed roof mount 

photovoltaic system 
222 solar panels × 

335W 
Good Bad Good Good Very good 

1 Axis tracking 
photovoltaic system 

222 solar panels × 
335W  

Medium Good Very good Very good Very good 

2 Axis tracking 
photovoltaic system 

222 solar panels × 
335W 

Medium Very good Very good Very good Very good 

Biomass through direct 
combustion process of 
Municipal Solid Waste 

(M.S.W) 

75 kW 
direct combustion 
generator power 

system 

Medium Good Good Good Very bad 

Hybrid biomass through 
direct combustion of 

M.S.W and photovoltaic 
system 

30 kW direct 
combustion 

generator power 
system 

+ 
132 solar panels × 

335W 
 

Good Medium Good Good Medium 

 556 

After, the FAHP method was implemented in order to assign weights to the evaluation criteria 557 

(Investment cost, Payback period, Energy production, CO2 reduction, Usability) taking into 558 

account uncertainties in expert's and decision makers judgments (step8). First, each member of 559 

the group decision has performed a pairwise comparison of the evaluation criteria using a fuzzy 560 

linguistic scale as indicated in figure 2. Then, the linguistic judgments of each member of the 561 

project team were converted to triangular fuzzy numbers as indicated in table 2. Later, the 562 

weighted comparison matrix for all the members of the group decision was calculated using 563 

equations (3) and (4). Then after, using respectively equation (5) and equation (6) the sum of 564 

the individual rows and the total sum of all the rows are calculated. Subsequently, the sum of 565 

each row is divided by the total sum of all the rows using equation (7). Table 7 shows the 566 

weighted comparison matrix for all the group decision members as well as the results of 567 

equations (5), (6), and (7).  568 

Then, the degree of possibility of 𝑆𝑆
~
𝑖𝑖 ≥ 𝑆𝑆

~
𝑖𝑖j where 𝑒𝑒, 𝑗𝑗 = 1, … ,𝑛𝑛; 𝑗𝑗 ≠ 𝑒𝑒  is calculated using 569 

equations (8) and (9). For instance, the calculations for the degree of possibility of 𝑆𝑆
~
1 ≥ 𝑆𝑆

~
2 , 570 

𝑆𝑆
~
1 ≥ 𝑆𝑆

~
3, 𝑆𝑆

~
1 ≥ 𝑆𝑆

~
4 , 𝑆𝑆

~
1 ≥ 𝑆𝑆

~
5 are  presented below: 571 
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As 𝑚𝑚𝑖𝑖 ≥ 𝑚𝑚𝑖𝑖, 𝑉𝑉 �𝑆𝑆
~
1 ≥ 𝑆𝑆

~
2� = 1  572 

As 𝑚𝑚𝑖𝑖 ≥ 𝑚𝑚𝑖𝑖, 𝑉𝑉 �𝑆𝑆
~
1 ≥ 𝑆𝑆

~
3� =1  573 

As 𝑚𝑚𝑖𝑖 ≥ 𝑚𝑚𝑖𝑖, 𝑉𝑉 �𝑆𝑆
~
1 ≥ 𝑆𝑆

~
4� =1 574 

As 𝑚𝑚𝑖𝑖 ≥ 𝑚𝑚𝑖𝑖, 𝑉𝑉 �𝑆𝑆
~
1 ≥ 𝑆𝑆

~
5� =1  575 

Consequently, the weight vector W’ computed as in equation, (10) and (11) is:  576 

d’(C1) = V(S1≥S2, S3,S4,S5) = min( 1.00, 1.00,1.00,1.00) = 1 577 

Similarly, the computed values for d’ (C2), d’ (C3), d’ (C4), and d’ (C5) were respectively 0.88, 578 

0.94, 0.77 and 0.83. Finally, the calculated values d’ (C1), d’ (C2), d’ (C3), d’ (C4), and d’ (C5) 579 

were normalized in order to define the weights (wj) of the objectives. According to the project 580 

team judgments, the weights were as follow: the investment cost (0.222), the payback period 581 

(0.197), the energy production (0.209), the CO2 reduction (0.172), and the usability (0.185). 582 

Table 7: Weighted comparison matrix for the group decision  583 

 
C1 C2 C3 C4 C5 Sum of row 

elements 

Dividing each row 

sum by sum total 

of all rows    

C1 (1, 1, 1) 

 

(1.25,1.75,2.
25) 

(1,1.375,1.75) (2.125,2.625
,3.125) 

(1.25,1.75,
2.25) 

(6.625,7.5, 
9.375) 

(0.266,0.259, 
0.245) 

C2 (0.641,0.76
6,1.25) 

(1, 1, 1) 

 

(0.79,1,1.25) (1,1.375,1.7
5) 

(1,1.375,1.
75) 

(4.431,5.31, 
7) 

(0.178,0.183, 
0.183) 

C3 ( 
0.79,1,1.25
) 

(1,1.375,1.75
) 

(1, 1, 1) 

 

(1.75,2.25,2.
75) 

(1.25,1.75,
2.25) 

(5.79, 
6.625,9) 

(0.232,0.229, 
0.235) 

C4 (0.466,0.68
3,1.125) 

(0.79,1,1.25) (0.79,1,1.25) (1, 1, 1) 

 

(0.641,0.7
66,1.25) 

(3.687,4.446, 
5.875) 

(0.148,0.153, 
0.153) 

C5 (0.640, 
0.833,1.25) 

(1.25,1.75,2.
25) 

(0.641,0.766,
1.25) 

(0.79,1,1.25
) 

(1, 1, 1) 

 

(4.321,5.349, 
7) 

(0.173,0.184, 
0.183) 



34 
 

Sum total of all rows = (24.854,28.92
,38.25) 

 

C1: Investment cost; C2: Payback period; C3: Energy production, C4: CO2 reduction C5: 584 

Usability  585 

Then, a global ranking FPROMETHE GDSS according to the expert’s preferences was 586 

performed under Visual PROMETHEE software [71] as indicated in step 9 and 10.  The results 587 

point out that 2 Axis tracking PV is the best alternative with a phi net flow of 0.471 followed 588 

respectively by, 1 Axis tracking PV with a phi net flow of 0.321, fixed roof mount PV with a 589 

phi net flow of -0.130, hybrid biomass and PV system with a phi net flow of -0.218, and biomass 590 

with a phi net flow of -0.443 (see figure 9).  591 

 592 

Figure 9: Global ranking FPROMETHEE GDSS 593 
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Good and weak features of each alternative are explained in figure 10 in putting in evidence the 594 

details of Phi net flow for the group decision. Each renewable alternative is represented by a 595 

bar. The features of different criteria on each bar were indicated using a colour coding of the 596 

criteria. The different impacts of criteria on the Phi net flow of an action correspond to the 597 

different parts of a bar. Negative (downward) parts correspond to weak features while positive 598 

(upward) parts correspond to good features.  The Phi score is equal to the balance between 599 

positive and negative parts in each bar.  The renewable energy alternatives were ranked from 600 

left to right according to the FPROMETHEE GDSS global ranking.   601 

As shown in figure 10, the 2 Axis tracking PV system had very good characteristics in both the 602 

payback period and the energy production. It had good characteristics in the CO2 reduction as 603 

well as the usability. However, it had weak characteristics in the investment cost. The 1 Axis 604 

tracking PV system had very good characteristics in the energy production and the CO2 605 

reduction. It had good characteristics in the usability and the payback period and weak 606 

characteristics in the investment cost.  The Fixed roof mount PV system had very good 607 

characteristics in the investment cost. It had good characteristics in the usability and weak 608 

characteristics in the energy production and the CO2 reduction while it had very weak 609 

characteristics in the payback period. The Hybrid biomass and PV system had very good 610 

characteristics in the investment cost. It had weak characteristics in the usability, the energy 611 

production, the CO2 reduction and the payback period. The biomass system had good 612 

characteristics in the investment cost. It had weak characteristics in the energy production, the 613 

CO2 reduction and the payback period while it had very weak characteristics in the usability. 614 

 615 
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 616 

Figure 10: Details of the phi net flow computation for the group decision  617 

The group decision agreed that 2 Axis tracking PV is the best renewable alternative for 618 

electricity generation for the case study, consequently the sensitivity analysis to solve conflicts 619 

was not required. However, since the fuzzy integrated Delphi- FAHP- FPROMETHEE 620 

methodology proposed in this paper includes the definition of subjective judgments, a 621 

sensitivity analysis was performed in order to investigate how changing the weights of the 622 

criteria affects the ranking of renewable alternatives.   623 

The functionality of weight stability intervals on Visual PROMETHEE software [71] was used 624 

in order to perform the sensitivity analysis. The weight stability intervals indicate the range in 625 

term of percentage for each criterion, where changing the criterion weight would not affect the 626 

global ranking of renewable energy alternatives.    627 

Table 8 indicates the criteria weight stability intervals in term of percentage for the group 628 

decision. Accordingly, varying the weight of both CO2 reduction and energy production within 629 

the interval [0%, 100%] would not affect the global ranking of renewable energy alternatives. 630 

Likewise, varying the weight of usability within the interval [10%, 100%] would not affect the 631 
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global ranking. Similarly, modifying the weights of investment cost and payback period 632 

respectively within the intervals [5%, 43%] and [0%, 31%] would not affect the global ranking. 633 

The sensitivity analysis indicates that significant variations in criteria weights would not 634 

influence the global ranking of renewable energy alternatives; this demonstrates that the fuzzy 635 

integrated Delphi- FAHP- FPROMETHEE methodology proposed in this paper is robust with 636 

respect to the different preferences. 637 

Table 8: Weight stability intervals of the criteria 638 

Criteria % weight stability intervals 

Min Max 

Investment cost 5 43 

Payback period 0 31 

Energy production 0 100 

CO2 reduction 0 100 

Usability 10 100 

 639 

5 Discussion  640 

Most applications of MCDA methods reported in the literature focus on the evaluation of 641 

renewable energy alternatives for electricity generation at a global, national, or regional scale 642 

[10-16, 28, 30-36]. However, there are limited uses of MCDA methods for the evaluation of 643 

renewable energy alternatives for electricity generation at the scale of a single residential 644 

building [17, 37-39], which opens a research demand. The originality of this paper is to propose 645 

a new fuzzy integrated multi-criteria decision-making method for the evaluation of renewable 646 

energy alternatives for electricity generation in a single residential building. The suggested 647 

fuzzy integrated method combines the Delphi method, the FAHP method, and the 648 

FPROMETHEE methods, which is completely innovative even in the literature of multi-criteria 649 

decision-making. The integration of these methods allows them to be complementary, with one 650 

method addressing the limitations of the other method. The paper presented a case study in 651 
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Oran (Algeria) in order to demonstrate the effectiveness of the proposed method. This section 652 

includes a comparative analysis of the results obtained from the application of the proposed 653 

methodology with the available literature in order to show its unique contributions. The 654 

following elements were considered: determination of evaluation criteria and renewable energy 655 

alternatives, determination of weights, aggregation approach, stability of the proposed method, 656 

and practical requirements. Table 9 presents a summary of the findings.  657 

Table 9: Summary of the findings. 658 

Parameters of 
comparison  

Comparison of the results obtained from the application of the 
proposed methodology with the available literature 

Determination of 
renewable energy 
alternatives and 
evaluation criteria 

The combination of Delphi method with experts and decision makers 
as well as questionnaires with residents allowed the identification of 
priorities and the selection of a limited number of alternatives and 
criteria (5 alternatives and 5 criteria). This provides the proposed 
method greater agility in the decision process compared to available 
methods in the literature [14, 32, 96] where a large number of criteria 
considered have undermined their performance.  

Determination of 
weights  

The FAHP method is suitable to deal with imprecision in the 
judgments of both experts and decision-makers, which agree with 
Junior et al. [98]. 
The findings of this research indicate that reducing the number of 
pairwise comparisons through questionnaires helped not to 
compromise human judgment and its consistency. This is in contrast 
with available fuzzy methods in the literature [17, 12, 32, 34] where 
considerable amount of judgments due to a large number of criteria 
considered have increased the probability that the participants 
introduce incorrect data.  
With only five criteria, the use of the FAHP method was perfectly 
viable as indicated in Saaty [43]. 
The weights of the criteria obtained through FAHP were coherent, 
consistent, and precise. This is in agreement with Kabir and Sumi [45].  
The FAHP method requires complex computations that can make it 
difficult to use that agree with Junior et al. [98]. 

Aggregation 
approach 

FPROMETHEE method allowed dealing with vagueness and 
approximations in the evaluations of renewable energy alternatives. 
This is in contrast with other methods in the literature [10,11,13-
16,29,29,30,31,33,35,36,38,39], which cannot prevent the loss of 
valuable evaluation data.  
The best alternative was 2 Axis tracking photovoltaic system despite 
the fact that it has weak features in the most important criteria, which 
is the investment cost. The findings indicate that the proposed 
methodology does not allow the compensation between criteria. This is 
in contrast with other fuzzy methods in the literature [12, 32, 34, 17] 
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that can deal with vagueness but allow the compensation between 
criteria, which could lead to biased outcomes. 

Stability of the 
proposed method  

The results of the sensitivity analysis indicate that the proposed method 
is stable regarding the different preferences. This is in contrast with the 
outcomes of other methods in the literature [34], which are strongly 
influenced by decision makers’ preferences.     

Practical 
requirements  

When the number of criteria is more than 7, the proposed methodology 
can be time-consuming and difficult for decision-makers to obtain a 
clear view of the decision problem as indicated in Macharis [44].  

  659 

Determination of evaluation criteria and renewable energy alternatives: 660 

Most of MCDA approaches proposed for the evaluation of renewable energy alternatives for 661 

electricity generation used an assessment of the available literature in order to determinate the 662 

evaluation criteria [14,32,96] while few approaches used open discussions and questionnaires 663 

[17]. A strong aspect of the proposed method compared to other methods available in the 664 

literature is its capability to combine Delphi method with experts and decision makers as well 665 

as questionnaires with residents. The results of the case study indicate that this combination 666 

allows the identification of priorities and the selection of a limited number of renewable energy 667 

alternatives and criteria (5 alternatives and 5 criteria) on a participatory base. The Delphi 668 

technique was practical to improve the communication among experts and decision-makers in 669 

order to select a set of renewable energy alternatives for electricity generation, as well as a set 670 

of preliminary evaluation criteria as shown in tables 3 and 5. This is in agreement with Seddiki 671 

et al. [40]. Moreover, the results show that the use of the questionnaires with the residents 672 

significantly decreased the number of criteria (from 9 criteria to 5 criteria see tables 3 and 5). 673 

This provides the proposed method greater agility in the decision process compared to available 674 

methods in the literature [14, 32, 96] where a large number of criteria considered have 675 

undermined their performance.  676 

From the group decision perspective, the relevant criteria were the investment cost, the 677 

payback period, the energy production, CO2 reduction, and the usability.  The selected criteria 678 

in this paper fulfilled the general requirements listed by Keeney et al. [42]. Accordingly, they 679 
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were considered as appropriate. The residents did not include social criteria and technical 680 

criteria, the causes might be the complexity of data collection and time requirements.    681 

Determination of weights 682 

As indicated in Balin el al. [97], in renewable energy decision-making problems, the 683 

preferences of experts and decision-makers are generally uncertain. Most of MCDA methods 684 

proposed in the literature do not consider this vagueness and imprecision while only few 685 

fuzzy approaches have been proposed in the literature [17, 12, 32, 34].  686 

In this paper, the FAHP method as proposed by Gupta et al [53] has been implemented in order 687 

to determinate criteria weights taking into account the uncertainties in the judgments of experts 688 

and decision-makers since FPROMETHEE method does not provide guidelines for weight’s 689 

elicitations. In order to deal with uncertain data, the FAHP uses pairwise comparisons by means 690 

of comparative linguistic variables. The results indicate that the FAHP method is suitable to 691 

deal with imprecision in the judgments of both experts and decision-makers, which agree with 692 

Junior et al. [98]. The findings of this research indicate that reducing the number of pairwise 693 

comparisons through questionnaires helped not to compromise human judgment and its 694 

consistency. This is in contrast with available fuzzy methods in the literature [17, 12, 32, 34] 695 

where considerable amount of judgments due to a large number of criteria considered have 696 

increased the probability that the participants introduce incorrect data. With five criteria, the 697 

use of the Fuzzy AHP method was perfectly viable as indicated in Saaty [43]. The results show 698 

that the weights of the criteria obtained through FAHP were coherent, consistent, and precise. 699 

This is in agreement with Kabir and Sumi [45]. However, according to the case study presented 700 

in this paper, the FAHP method requires complex computations that can make it difficult to 701 

use, which agree with Junior et al. [98]. 702 

 Aggregation approach 703 
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Most of MCDA methods applied for the evaluation of renewable energy alternatives use the 704 

complete aggregation approach [10-14,28-30,32-35], while only few methods use the partial 705 

aggregation PROMETHEE [15,16,31,36,39]. The complete aggregation approach presents the 706 

disadvantage to allow the compensation of low score in criteria with good results on several 707 

other criteria while the partial aggregation approach does not allow the compensation between 708 

criteria [40]. To the best knowledge of the authors, this work adds a significant contribution by 709 

implementing the partial aggregation FPROMETHEE for the evaluation of renewable energy 710 

alternatives for electricity generation in a single residential building. The results of the case 711 

study indicate that FPROMETHEE method suited well for this kind of problem as it takes into 712 

consideration vagueness and approximations in the evaluations of different experts and decision 713 

makers and allows to determinate the best renewable energy alternatives for electricity 714 

generation. This is in contrast with other methods in the literature [10,11,13-715 

16,29,29,30,31,33,35,36,38,39], which cannot prevent the loss of valuable evaluation data. The 716 

best alternative was 2 Axis tracking photovoltaic system despite the fact that it has weak 717 

features in the most important criteria which is the investment cost. This indicates that the best 718 

renewable energy alternative is not the alternative that has the best features in the criteria with 719 

the highest weight, but the alternative that represents the best compromise, which agree with 720 

Macharis et al. [44]. The findings indicate that a strong aspect of the proposed method is to use 721 

the partial aggregation approach, which does not allow the compensation between criteria. This 722 

is in contrast with other fuzzy methods available in the literature [12, 17, 32, 34] that can deal 723 

with vagueness but allow the compensation between criteria, which could lead to biased 724 

outcomes. 725 

Furthermore, another point of the proposed method compared to the available methods in the 726 

literature is to provide specific guidelines (step 11 of the methodology) in order to deal with 727 

possible conflicts among decision makers. 728 
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Stability of the proposed method: 729 

The validity of the results was assessed through sensitivity analysis. The results of the 730 

sensitivity analysis indicate that the fuzzy integrated Delphi- FAHP- FPROMETHEE 731 

methodology proposed in this paper is stable regarding the different preferences. This is in 732 

contrast with the outcomes of other methods in the literature [34], which are strongly influenced 733 

by decision makers’ preferences. Ultimately, the participants confirmed the validity of the 734 

method as they have all agreed on the selected renewable energy alternative. One should notice 735 

that the selected renewable energy alternatives and criteria as well as the criteria weights’ and 736 

the ranking of the alternatives are specific to this case study and are not to be considered 737 

applicable to other buildings. The method proposed in this paper is universal. It is not limited 738 

to the selection of the best renewable energy alternative for electricity generation in residential 739 

buildings. 740 

Practical requirement: 741 

The proposed methodology presents several limitations. When the number of the criteria 742 

selected through Delphi method and questionnaires is more than 7, the method can be time-743 

consuming and difficult for decision-makers to obtain a clear view of the decision problem as 744 

indicated in Macharis [44]. Furthermore, the application of the proposed method requires a 745 

complete support from residents, project stakeholders as well as the participation of a specific 746 

consultant with necessary skills in decision making which is not often possible.  747 

6 Conclusion  748 

The selection of the best renewable energy alternative for electricity generation in a single 749 

residential building is a complex decision problem involving a large number of alternatives and 750 

criteria, different stakeholder’s, as well as uncertain, inaccurate and subjective data.  751 

The multiple-criteria decision analysis is a practical tool for this type of problem, it supports 752 

decision-makers to select the best alternative. This paper has an innovative value due to the 753 
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proposal of new integrated fuzzy multi-criteria group decision-making method for the selection 754 

of the best renewable energy alternatives for electricity generation in a single residential 755 

building. The proposed method combines Delphi method, questionnaire, FAHP method and 756 

FPROMETHEE methods. The application of the proposed method to a real case study showed 757 

encouraging results as it was possible to select the best renewable energy alternative.  The 758 

proposed integrated method helps to formulate the problem and is particularly effective in 759 

handling uncertain data. Delphi technique was practical to improve the communication among 760 

experts and decision-makers in order to select a set of renewable energy alternatives for 761 

electricity generation, as well as a set of preliminary evaluation criteria. The questionnaire with 762 

the residents significantly decreases the number of criteria which reduces the probability that 763 

the participants introduce incorrect data and provides the proposed method greater agility in the 764 

decision process. The FAHP method provides specific guidelines for the determination of the 765 

criteria weight’s and allows to take into account the uncertainties in expert's judgments. The 766 

results of FAHP show that the weights of the criteria obtained through FAHP were coherent, 767 

consistent, and precise. The FPROMETHEE method is effective to determinate the best 768 

renewable energy alternatives for electricity generation.  The FPROMETHEE method suited 769 

well for this kind of problem as it can prevent the loss of valuable evaluation data and takes 770 

into consideration vagueness and approximations in the evaluations of different experts and 771 

decision-makers. The sensitivity analysis reveals that the proposed method is robust with 772 

respect to the different decision maker’s preferences. For future works, in addition to the 773 

application of the proposed methodology to other types of energy problems, similar studies can 774 

be conducted using different fuzzy multi-criteria decision-making techniques such as fuzzy 775 

ELECTRE or fuzzy TOPSIS for comparative purposes. 776 
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